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Executive Summary 
 

Nutrient pollution (“cultural eutrophication”) is among the most important sources of 
impairment to U.S. surface waters. Numeric nutrient criteria are needed to protect the nation’s 
surface waters because they create clear, direct goals aimed at the two key pollution parameters 
(total nitrogen, TN, and total phosphorus, TP) that repeatedly have caused undesirable impacts 
on aquatic life, drinking water, and recreation. 

 
Water quality criteria can be either narrative (for example, “waters of the state shall be free from 
unnatural plant or algal growth”) or numeric (for example, Wisconsin Rivers shall not exceed a 
concentration of 0.1 mg/L total phosphorus). The United States Environmental Protection 
Agency (U.S. EPA) has long recognized that numeric nutrient criteria are needed to control 
nutrient pollution. This paper first summarizes federal regulations, recommendations, and 
guidelines related to numeric nutrient criteria, followed by a synopsis of the science background 
about nutrient issues in surface freshwaters, including definitions of basic terms and 
descriptions of important concepts. 

Numeric criteria are considered here both for the two main forms of nutrient pollution (or 
"stressors"), nitrogen and phosphorus, and for “response” parameters that can be measured to 
determine the extent to which nutrient pollution has already harmed waterbodies. While the 
floating (suspended or sestonic) microalgae in lakes, reservoirs, and larger rivers, or the benthic 
algae growing on the bottom of the waterbody in smaller streams, are usually the only responders 
measured in assessing impacts of nutrient pollution for criteria development, there actually are 
four key-response groups of primary producers – (i) suspended microalgae, (ii) benthic 
microalgae and macroalgae, (iii) floating macroalgae such as filamentous (string-like) green 
algae, and (iv) vascular plants. The response of each of these potential responder groups to 
nutrient pollution is described. 

Five available approaches for developing numeric nutrient criteria, suggested by the U.S. EPA, 
fall within two major lines of reasoning. The first line of reasoning seeks to set criteria based on 
what was the natural, pre-development or “minimally impacted” levels of nutrients. The 
underlying goal is to maintain or restore conditions as they were historically, insofar as possible, 
to avoid damage to beneficial aquatic life or for other designated uses such as recreation. The 
second line of reasoning sets criteria based on studies of how nutrient pollution harms the 
designated uses of waterbodies (e.g., aquatic life support, fishing, and/or recreational uses such 
as swimming, drinking source-water, etc.). 

 
(1) The reference approach falls under the “minimally impacted” line of reasoning, wherein 
numeric criteria are developed by estimating the natural or least altered levels of nutrient 
stressors and response variables. The criteria are based on the premise that nutrient levels and 
responses should be similar to the natural condition. (2) The literature approach, which can be 
under either line of reasoning, relies on suggested boundaries for enrichment classification of 
lakes and reservoirs, and of rivers and streams. (3) The stressor/response-based modeling 
approach uses available field and experimental data to estimate statistical relationships between 
nutrient concentrations and response measures that are relevant to the designated uses. (4) The 
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mechanistic modeling approach develops mathematical representations of the ecological 
system(s), processes, and parameters (factors or variables), using equations that can be calibrated 
using site-specific data. Finally, (5) “hybrid” analyses include more than one approach, such as 
the reference (minimally impacted) condition, “weight of evidence” of different statistical 
assessments of stressor-response relationships, and mechanistic models. 

Both lines of reasoning have strengths as well as deficiencies. The reference condition approach 
is vulnerable to the criticism that it may be too strict - that is, the numeric nutrient criteria 
selected using that approach, by seeking to preserve or restore water quality close to natural 
nutrient levels, may be lower than necessary to protect the designated uses of the waterbody(s) 
of interest. On the other hand, focus upon impacts caused by nutrient pollution could allow 
degradation of higher-quality waters. Consider, for example, a waterbody of interest that, in its 
natural condition, did not support largemouth bass. Various sportfish species thrive in higher 
nutrient regimes with abundant algae. If the waterbody was altered so that it supported the 
designated use for largemouth bass, then that alteration would involve increasing human-related 
nutrient enrichment, which could adversely affect naturally occurring fish species that are more 
sensitive to nutrient pollution than largemouth bass. 

The five approaches suggested by the U.S. EPA for use in developing numeric nutrient criteria 
are described and illustrated using various examples. Whatever approach is used, the approach 
selected largely must depend on the data available for the waterbody(s) of interest (Dodds and 
Welch 2000). The datasets used to develop numeric nutrient criteria can be compared to the data 
in hand for the system(s) to assess whether the data are sufficient for use with an approach under 
consideration. If sufficient water quality (TN, TP, chlorophyll a) data are available for 
waterbody(s) of interest (e.g., data collected at least monthly during the summer growing season, 
over the past 5-10 years, for nutrients and chlorophyll), then numeric nutrient criteria should be 
developed based on localized conditions following accepted science-based procedures. This 
basically describes the reference condition approach using nutrient sub-ecoregions. If a strong 
dataset is also available for sensitive macroinvertebrate and fish biota, then stressor-response 
relationships can also be developed, supported by peer-reviewed literature. 

 
It is recommended that at least three approaches should be applied as an internal check. The 
resulting numeric criteria indicated by two or more approaches should be similar. Considering 
the uncertainty inherent in understanding the complex relationships between nutrients and 
various response variables, the lower, more protective nutrient criteria should be used. 

Other basic guidance in developing numeric nutrient criteria is included: 

□ Considering data needs, the criteria should be based on high-quality data, collected with 
sufficient frequency (recommended to be at least monthly) during the appropriate period, for 
example, during the summer season if the user seeks to minimize noxious summer 
cyanobacteria blooms. Assessment of average nutrient concentrations (TP, TN) within that 
period should encompass baseflow, stormflow, and wetflow conditions. Samples should be 
analyzed by a state-certified laboratory using strict quality control/quality assurance 
protocols. If a state has only sparse or dated information on a waterbody(s) of interest, data 
should be considered from other states for similar waters within the same ecoregion or 
ecosystem conditions. 
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□ True reference or minimally impacted conditions should be used to develop criteria that are 
based on the reference approach. 

 
□ The numeric criteria should be protective rather than reactive. Criteria should be developed 

for TN and TP, the causative factors, rather than only for response variables such as algal 
biomass indicated by the response variable chlorophyll a, because chlorophyll a and other 
response variables are often poor surrogates for the total impacts of TN and TP. Reliance 
upon response variables alone will not protect waters because by the time they indicate 
danger, the waterbody can be so damaged that it can take years or decades to recover. Also, 
criteria for stressors, (generally TN and TP) should be set low enough that they will prevent 
damage before it develops. 

□ Effects-based approaches should rely on protective statistical procedures, such as the first 
threshold identified from additive quantile regression with smoothing, that is, the lowest 
nutrient concentration wherein a small increase corresponds to a relatively large adverse 
change in metrics for desirable biota, such as the number of pollution-sensitive 
macroinvertebrate species. When a clear threshold is not evident and/or when the desirable 
metric gradually changes as nutrient pollution increases, then a line-drawing procedure 
needs to be used, as adopted by the U.S. EPA in setting other protective numeric criteria 
(Stephan et al. 1985). 

 
□ If a state agency includes response variable(s) in its numeric criteria, the most abundant, 

noxious key responder primary producers in the waterbody(s) of interest should be targeted. 

□ Arithmetic means should be used to set numeric nutrient criteria rather than geometric 
means or medians. Geometric means are biased low, and do not reliably estimate average 
water quality conditions. Arithmetic means are unbiased, easier to calculate and 
understand, and more protective. 

□ Compliance should be based on independent consideration of TN, TP, and response 
variables. Each should “stand alone” to protect waterbodies from nutrient pollution-related 
degradation. That is, exceedance of all or some grouping of these variables should not be 
required before a waterbody is assessed to be in violation of the numeric criteria. Rather, if 
any one of the causal/response variables is exceeded, then the waterbody should be 
characterized as in violation. For example, a violation should not require exceedance of both 
TN and phytoplankton chlorophyll a, or both TP and phytoplankton chlorophyll a. 
Independent consideration of these criteria is needed because nutrient pollution can 
adversely affect beneficial aquatic life through means other than increased phytoplankton 
growth, such as stimulation of other key responder groups (benthic algae, floating 
macroalgae, or vascular plants). Sampling locations should be carefully selected for 
compliance assessment, and locations where measurements are taken should be specified. 

A final section of this white paper goes into more detail on “doing it wrong,” that is, non- 
protective actions that should be avoided in developing numeric nutrient criteria: 

- Nutrient criteria should not be set reactively, that is, when pollution-tolerant species 
predominate and pollution-sensitive species have been nearly or totally eliminated. 



4 
 

 

- Waterbodies that have been substantially compromised by nutrient pollution should not be 
used as “minimally impacted.” 

- Data from true minimally impacted waters in the same ecoregion should be used rather 
than rejected, even if they are from similar waters in other states, in setting numeric 
nutrient criteria if such waters are no longer available in the state setting criteria. 

- “Add-on,” concocted procedures should not be used that defeat the purpose of the 
accepted technique being invoked. 

- Response variables such as suspended or benthic algal biomass (for example, 
considered as the indicator, chlorophyll a concentration) should not be used as a 
“surrogate” for numeric TN and TP criteria, because TN and TP strongly influence 
some water quality conditions that are not related, or only weakly related, to algal 
chlorophyll levels. 

“Doing it wrong” also pertains to models that are wrongly used to develop non-protective 
numeric nutrient and response variable criteria. The key to model assessment lies in 
determining the major underlying assumptions used to build the model and the quality of the 
dataset used to construct it. Models should not be based on few or no actual data from the 
waterbody(s) of interest, and they should not be constructed using erroneous assumptions and 
other non-science-based information. 
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I. Introduction 

Nutrient pollution (also referred to as "cultural eutrophication"), especially by two nutrients, 
phosphorus (P) and nitrogen (N), is among the most important sources of impairment to our 
nation’s surface waters (National Research Council 2000). To address this major nationwide 
problem, EPA has long recommended that states adopt numeric criteria for total nitrogen 
(TN) and total phosphorus (TP) (U.S. EPA 2010). The purpose of this paper is to describe 
how that can best be done. 

Two measures, concentrations and loadings, are frequently used to describe nutrient 
conditions in surface waters. Concentration refers to the amount (mass) of nutrient in a 
defined volume of water (such as micrograms of ammonium per liter of water). Load refers 
to the total amount of nutrient entering the water over a specific period of time (such as 
kilograms of nitrogen per year). Load is calculated as nutrient concentration x volume (such 
as nutrient concentration x volume in effluent discharged by a point source). Ambient 
nutrient concentrations are analogous to a “snapshot;” they indicate the supply level, when 
the sample was collected, that was available to support microbial (algal, bacterial) production 
(Hecky and Kilham 1988, Mallin et al. 2006). In contrast, nutrient loadings assess the overall 
nutrients supplied to an aquatic ecosystem over time, generally on a per-year basis (National 
Research Council 2000). 

The U.S. Congress directed states to establish water quality standards that “consist of the 
designated uses of the navigable waters involved and the water quality criteria for such 
waters based upon such uses” (33 U.S.C. § 1313(c)(2)(A), 40 C.F.R. § 131.2). EPA 
regulations specify that “[s]uch criteria must be based on sound scientific rationale and must 
contain sufficient parameters or constituents to protect the designated use. For waters with 
multiple use designations, the criteria shall support the most sensitive use.” 40 C.F.R. § 
131.11(a)(1). A water quality standard defines the water quality goals for a waterbody, or 
portion thereof, by designating the use(s) to be made of the water and by setting criteria 
necessary to protect the uses (Clean Water Act, 40 CFR § 131.2). 

Thus, numeric nutrient criteria should be designed to protect the designated uses of the 
waterbody of interest (see Section IV below). Water quality criteria generally are intended to 
measure the ambient quality of a waterbody, and for most pollutants including nutrients, the 
biological responses of aquatic life are triggered by the concentration in the water. If the 
concentration criteria are exceeded, then loading thresholds for the waterbody, or total 
maximum daily loads (TMDLs), may be developed. 

The U.S. EPA (2000a) recommended development of numeric N and P concentration 
criteria, as well as numeric criteria for response variables such as suspended microalgal 
biomass as chlorophyll a, for U.S. states as an important step in controlling nutrient pollution 
to the nation’s surface waters. Two other important considerations for control are N:P ratios 
and N and P loads, as explained in Section III below, but the main focus of this paper is N 
and P concentration criteria. Guidance is provided here about how states can develop 
appropriate numeric N and P criteria for surface freshwaters. Numeric N and P criteria are 
needed in most states. In the Mississippi River watershed, for example, two states, 
Minnesota and Wisconsin, have adopted numeric P criteria for their lakes, reservoirs, rivers 
and streams, excluding ephemeral waters; Illinois has adopted a numeric P criterion for lakes 
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and reservoirs larger than ~8.1 hectares (20 acres) in area. None of the states in the 
Mississippi River watershed have numeric N criteria, except for a drinking water nitrate 
standard of 10 mg/L (maximum contaminant level) in accord with the federal standard (U.S. 
EPA rules at 40 C.F.R. § 141). 

This white paper is structured to include: 

□ A brief summary of federal regulations, recommendations, and guidelines; 
□ Science background about nutrient issues in surface waters; 

□ Approaches for developing science-based numeric N and P criteria, along with basic 
guidance and supporting rationale, and an appendix for more about statistical threshold 
techniques; and 

□ “Doing it wrong” - pitfalls and precautions in developing science-based numeric criteria. 
 

II. U.S. EPA Recommendations for Numeric Nutrient Criteria 

The U.S. EPA (2017) has informed the general citizenry that “Nutrient pollution is one of 
America’s most widespread, costly and challenging environmental problems, and is caused 
by excess nitrogen and phosphorus in the air and water”. The agency described strengthening 
water quality standards, including adoption of numeric nutrient criteria, as an important tool 
for meeting clean water goals, because “numeric criteria provide measurable water quality- 
based goals that are easier to implement” [and clearer to enforce] than narrative criteria (U.S. 
EPA 2016a). 

The U.S. EPA (1998, p. iv) directed states to adopt ambient numeric nutrient criteria 
(measurable benchmarks) for streams and rivers, including stipulated concentrations, 
duration, and frequency. To facilitate that effort, the agency provided a series of nutrient 
criteria guidance documents and recommended criteria for nutrients (causal variables TP 
and TN or N forms such as nitrate) in lakes and streams within designated nutrient 
ecoregions (also see Section IV below). The U.S. EPA developed 14 major ecoregions for 
the nation based on present land use, and various sub-ecoregions within each ecoregion. 
The recommended criteria for each were based on minimally impacted conditions, defined 
as having natural background nutrient concentrations, unaffected (true reference 
conditions) or minimally affected by nutrients from human activities. The targeted numeric 
nutrient criterion was defined as the 75th percentile of true reference stream data (past 
~decade) or, if reference streams could not be found, the 25th percentile of data for all 
streams within a nutrient sub-ecoregion. States were given the option of using the numeric 
nutrient criteria recommended by the U.S. EPA, or developing their own scientifically 
defensible numeric criteria that protect the designated uses of surface waters (Section IV). 

The U.S. EPA (2000a, 2001a) alternatively recommended other approaches such as use of 
literature values under conditions when data are sparse; or use of stressor-response 
relationships to derive numeric nutrient criteria if sufficient data are available, mainly by 
identifying threshold or changepoint concentrations at which large changes in biological 
metrics (e.g. algal biomass as chlorophyll a, or sensitive biota such as aquatic 
macroinvertebrate insects) occur as a result of increasing nutrient concentrations; or use of a 
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combination of approaches (see Section IV). The U.S. EPA guidance explained that 
biological thresholds are valuable for setting nutrient criteria because there is a direct link 
between biological responses and protection of designated uses for aquatic life. The U.S. 
EPA (2016a) maintains a Nutrient Scientific Technical Exchange Partnership and Support 
Program (N-STEPS) that provides technical assistance to states for developing numeric 
nutrient criteria. 

The U.S. EPA has contributed other guidance on nutrient management, such as plans directed 
at certain waterbodies or watersheds. For example, the federal Gulf Hypoxia Action Plan 
calls for each state in the Mississippi River basin to produce a plan to reduce the amount of N 
and P carried from rivers in the state to the Gulf of Mexico. While many states lie in the 
Mississippi River drainage, six of them - Iowa, Illinois, Missouri, Kentucky, Tennessee, and 
Arkansas - are the largest contributors to the nutrient supplies that fuel the Dead Zone 
hypoxia in the Gulf of Mexico (Figure 1). 

 
III. Science Background 

 
III.a. N and P Pollution, a Ubiquitous Problem in Surface Waters 

Cultural eutrophication is the process of N and P contamination of surface waters from 
sewage, urban runoff, cropland and livestock agriculture, and air pollution, which add high 
levels of N and P, relative to what is natural, so that the affected aquatic ecosystem is pushed 
out of balance to an unhealthy state (Figure 2). Human-derived sources of nutrient pollution 
have rapidly changed water quality and aquatic community structure within the past ~250 
years of industrialization and rapid population growth (Cloern 2001, Wetzel 2001). 
Throughout most of the world increased nutrient enrichment (or nutrient pollution), is a 
major issue (Burkholder and Glibert 2013). 

 
Despite the advances in treatment of human sewage during the late twentieth century, limits or 
bans on use of phosphorus for certain domestic and industrial practices, declines in use of 
agricultural fertilizers in some regions, and modest improvements in environmental education 
in localized areas, the ongoing increase in human population growth continues to increase 
nutrient loadings to aquatic ecosystems (Burkholder and Glibert 2013). Cultural 
eutrophication promotes major adverse shifts in the structure of algal/plant and animal 
communities, generally affecting dominant components of every trophic level from microbial 
decomposers to the larger animals at the top of the aquatic food web, and significantly 
reducing biodiversity. 

Why should N and P be the focus for numeric nutrient criteria? Because, relative to the 
available environmental nutrient supplies needed for algal and plant growth under natural 
conditions, N and P are the essential nutrients that algae and plants run out of first 
(Vallentyne 1974, Wetzel 2001). So, under natural conditions, it is the lack of these nutrients 
that prevents excessive plant or algal growth. Total nutrient levels (both N and P) have been 
more strongly correlated with suspended microalgal biomass than soluble nutrient forms (e.g, 
Dodds et al. 1997). Both nutrients are important to control because in surface waters, N and 
P together describe algal biomass better than either nutrient alone (Smith 1982, Prairie et al. 
1989, Dodds and Smith 2016); “more P means more chlorophyll with per unit N, and vice 
versa” (Dodds and Smith 2016). 
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Figure 1.   N and P delivery to the Gulf of Mexico Dead Zone.   Upper, middle panels - from Robertson   
et al. (2009); lower panel from Manner (2014); also see Alexander et al. (2008). 



9 
 

 

 
Figure 2. Brief summary of major impacts of nutrient pollution in surface waters. 

 
 

When an essential nutrient is needed for the organism to complete its life history and it is not 
substitutable, supply of that nutrient has a direct effect(s) on the organism’s physiology and 
growth. No other nutrient can be substituted for N or P in meeting an organism’s 
physiological needs. The scientific recognition of “primary nutrient limitation” dates back to 
Liebig’s Law of the Minimum in the 1840s, from agricultural literature on crop yield (Liebig 
1847): If a nutrient is limiting, then its amount in algal or plant cells will decline to a low 
level, and the nutrient in lowest concentration relative to the specific requirements for that 
alga or plant will limit growth. That is, the nutrient in least supply relative to the need of the 
plant or alga will limit growth, whereas increases in plentiful nutrients will have little effect. 

 
Nitrogen is an essential nutrient, required for organisms to make amino acids, proteins, 
enzymes and coenzymes, nucleotides, and nucleic acids (genetic material), chlorophyll 
pigments, and various other essential algal pigments. The forms of N that many algae and 
plants generally use for growth are ammonia (ionized form, ammonium) and nitrate, two 
types of inorganic N. Algae and plants can also use certain forms of organic N for growth, 
such as urea and some simple amino acids (Hecky and Kilham 1988). In natural 
(background) conditions, most of the TN consists of organic N; inorganic N forms are 
usually low, typically < 200 µg NO3

-N/L and < 20 µg NH4
+N/L, respectively (Stanley and 

Maxted 2008, and references therein). In assessing aquatic systems for N abundance to 
primary producers, either TN or inorganic N forms are usually considered. Processes 
involving N in surface waters are more complicated than those involving P, partly because 
nitrate, another inorganic N form called nitrite, and ammonia/ammonium can be toxic to 
algae and plants, depending on the concentration; low amounts are beneficial, but high 
amounts are detrimental and these nutrient forms act as chemical poisons. Moreover, 
ammonia/ammonium can be an oxygen-demanding substance, because it takes up oxygen 
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during the process (called 
nitrification) when much of it is 
converted to nitrate (Stumm and 
Morgan 1995). 

 
Phosphorus is also an essential 
nutrient; it is required for organisms 
to make the energy currency for 
cells, ATP, and other nucleotides; P 
is also a component of nucleic acids 
such as DNA, certain proteins, 
several important coenzymes, 
membrane phospholipids that are 
required for cell survival; and P is 
attached to many different 
substances that are important in 
photosynthesis and respiration. 
Algae and plants generally use the 
inorganic phosphate ion (sometimes 

 
 

Figure 3. Chart depicting the  importance  of  BOTH  nutrient 
supplies and nutrient supply ratios in cultural eutrophication. Note 
that these atomic (molar) ratio numbers typically refer  to conditions 
in the summer growing season. 

referred to as orthophosphate, or soluble reactive phosphorus - SRP, or PO4
-3P) for growth. 

In natural (background) conditions, inorganic P is usually very low in supply, typically < 5- 
10 µg PO4

-3P (Wetzel 2001). If surface waters have phosphate concentrations exceeding 25 
µg/L (25 parts per billion), that is an indication of nutrient pollution from sewage (treated 
effluent P is mostly phosphate), animal wastes (which can also be high in phosphate), mining 
sources, fertilizer, or other sources (Carpenter et al. 1998, Correll 1998). Algae and plants (as 
well as bacteria) luxury-consume phosphate (that is, they take much more phosphate up than 
they need at the time), so much so that the phosphate ions left in solution are usually much, 
much lower in supply than the P stored in their cells. For that reason, in assessing aquatic 
systems for P abundance to primary producers, the TP concentration, which includes the P in 
the algal and plant cells, is usually used (Wetzel 2001). 

 
Nutrient pollution can damage aquatic ecosystems in two basic ways: First, through an 
increase in the available amounts (supplies) of N and P that stimulate outbreaks (blooms) of 
noxious algae and plants. About 100 µg P/L (or even less) commonly is enough to cause an 
algal bloom in lakes and reservoirs, if other conditions (temperature, light, etc.) are 
conducive, but partially treated sewage has ~1,000 to 7,000 µg P/L; and second, through a 
shift in the proportion (ratio) of N relative to P supplies (Figure 3, and below). Surface 
waters affected by nutrient pollution usually have both problems: The N and P supplies are 
extremely high in comparison to natural (“background”) conditions that historically occurred, 
and the N:P ratio is skewed so that the system has been pushed into what is referred to as 
“stoichiometric imbalance” (Burkholder and Glibert 2013). 

The present status of many U.S. surface waters, including those in the Mississippi River 
basin, is that they are not only over-enriched with P and N but also in a trophic state of 
stoichiometric imbalance, which is worse than simply eutrophic (nutrient-rich). 
Stoichiometric imbalance is defined as a forced trophic state in a waterbody that develops 
when the supply of one nutrient (generally P or N), is altered either due to enrichment from 
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human activities or management-related nutrient control (Burkholder and Glibert 2013). A 
common “signature” N:P ratio for raw or partially treated sewage is 5 or less (Metcalf and 
Eddy 1991, Henze et al. 1997). Sewage treatment historically (and often still) has targeted P 
removal without N removal (Glibert et al. 2011). 

 
III.b. Impacts of Nutrient Pollution on Surface Waters 

 
The most basic impacts from nutrient pollution on surface waters (Figure 2) are discussed 
below. The science of nutrient pollution, like any other discipline, has its own language. The 
good news is that only a little more than a dozen terms is needed to “speak this language 
fluently.” The following information is taken from Burkholder and Glibert (2013) and 
Burkholder (2014) unless otherwise noted. 

 
III.b.1. Key Responders of aquatic food webs in response to nutrient pollution, in 

conditions where light is abundant, are the primary producers (algae and plants). It should be 
noted that in low-light conditions such as blackwater or heavily shaded streams, bacteria and 
animal-like microbes (protozoans) can instead be the key responders to nutrient pollution 
(e.g., Mallin et al. 2006) because they do not need light for their metabolism. This paper 
emphasizes primary producers as the major responders to nutrient pollution. They include 
algae and plants that use water and sunlight to “fix” carbon dioxide from the air into organic 
carbon in their cells. This type of photosynthesis is sometimes called “oxygenic” because 
oxygen is produced during this process. All algae and plants with oxygenic photosynthesis 
have the “universal plant pigment,” chlorophyll a, which is essential for that process. 

Four general groups of aquatic primary producers, based on appearance and habitat, are most 
responsive to nutrient pollution. They include suspended (sestonic) microalgae, floating 
filamentous macroalgae, benthic (attached to the stream bottom mud, rocks, or other 
substrata) microalgae and macroalgae, and plants (Figure 4), described below. It is important 
to note that, of the four groups, data are usually available only for floating microalgae. 
Floating filamentous algae and floating plants are very difficult to sample quantitatively for 
biomass, which is usually taken as dry weight per unit lake or stream area, or simple percent 
cover of an area of interest. Attached algae are usually extremely patchy in distribution, and 
therefore also very difficult to sample adequately for a realistic estimate of abundance 
(Wetzel and Likens 2000). These logistical problems have impeded development of 
protective numeric nutrient criteria for small to mid-sized streams, which are usually 
dominated by attached rather than floating algae and plants (Biggs 2000). Although recent 
advances have been made in sampling filamentous and other, larger attached algae 
(Stancheva and Sheath 2016), quantitative sampling approaches remain a challenge. Rooted 
plants are seldom sampled quantitatively because of the extremely labor-intensive effort 
required to obtain accurate ash-free dry weight data for belowground (roots, rhizomes) as 
well as aboveground (leaves, stems) structures (Craft 2013). 

 
* Algae (singular, alga; adjective, algal) are primitive plant-like organisms that generally 

use the same type of photosynthesis as land plants. Algae can be unicellular, filamentous, or 
colonial microscopic forms (microalgae), or they can be visible to the human eye 
(macroscopic or macroalgae) consisting of a primitive plant body (thallus) that lacks vascular 
tissue in most species (thus, they have no roots, stems, flowers, or leaves). Algae are the 
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Figure 4. Representatives of the four groups of primary producers known to be 
most responsive to nutrient pollution: a) Floating microalgae (phytoplankton) - 
toxic cyanobacteria (inset: Microcystis aeruginosa under light microscopy); 
b) Floating microalgae - toxic euglenoids (inset: Euglena sanguinea under light 
microscopy); c) Floating filamentous algae - the toxic cyanobacterium Lyngbya 
wollei; d) Attached filamentous algae - the toxic cyanobacterium Phormidium sp.; 
e) Plants - Eurasian watermilfoil (thrives in P pollution); and f) Plants - coontail 
(thrives in N pollution, especially nitrate). 

 
 

“grass” of aquatic ecosystems, that is, they form most of the all-important base of the entire 
aquatic food web. The term has also been used more broadly to include microbes that are not 
photosynthetic but are closely related to photosynthetic species. And, the term commonly 
includes cyanobacteria (blue-green algae) because, although they are formally classified as 
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bacteria rather than algae, they have the same kind of photosynthesis as land plants, and they 
act ecologically like photosynthetic algae in many ways. Microalgae suspended in the water 
column, or seston, are called phytoplankton if they have enough time to reproduce before 
they are carried downstream. Their abundance is commonly measured as the green pigment, 
chlorophyll a (see primary producers above). 

* Floating microalgae (seston, phytoplankton, or suspended microalgae) - This group (see 
examples in Figure 4a,b) is the best studied of primary producers in aquatic ecosystems 
(because they are the easiest to sample; see Wetzel and Likens 2000, Wetzel 2001). They 
discolor the water gold, green, bluish green, brown, etc.; cyanobacteria, for example, often 
make the water resemble green paint. Suspended microalgae are also the major group of 
primary producers that is most often considered in assessing whether a waterbody is nutrient 
over-enriched - even if it is not the most abundant group of primary producers that is 
responding to the nutrient contamination. That is, growth of primary producers in response to 
nutrient pollution is commonly considered only from the standpoint of whether there are 
abundant microalgae suspended in the water column. A serious limitation resulting from 
reliance only upon measurements of suspended microalgal biomass to assess whether a given 
water body is degraded from P pollution is that noxious outbreaks of suspended microalgae 
are notoriously sporadic. They respond quickly to sudden “windows of opportunity” as 
supporting environmental conditions become available to allow rapid growth in the P- 
enriched waters (Burkholder 2009 and references therein). Moreover, their outbreaks may 
last only a few days to a few weeks until a storm, runoff, and increased flushing (decreased 
water residence time) cause dispersal and washout (Wetzel 2001, Burkholder 2009). 
Considering that sampling efforts typically are conducted monthly or less frequently, noxious 
algal outbreaks or “blooms” in response to nutrient pollution can easily be missed (Glibert 
and Burkholder 2018). 

The biomass of the suspended microalgae is usually estimated by measuring an indicator 
green pigment, the concentration of chlorophyll a (chla), per unit river or lake volume (e.g., 
chlorophyll a per liter, chla/L). Chla is the “universal plant pigment,” found in all plants 
and plant-like organisms that conduct photosynthesis (Hendry et al. 1987). When samples 
are taken to measure the water-column chla concentration, formal methodologies generally 
caution that “particulate debris” such as plant leaves, and even surface scums formed by 
some of the microscopic algae (Chorus and Bartram 1999), must be avoided. Therefore, the 
water-column chla concentration, by definition, includes only the suspended microalgae. 
This fact is important:  Chla data completely exclude the biomass of all of the other 
primary producers in the water body that are responding to the P contamination. This 
omission of all but the water-column microalgae becomes especially misleading in cases 
where the water is turbid from high amounts of suspended solids or dark coloration. In such 
conditions, other groups of primary producers are often the major responders to nutrient 
pollution because the suspended sediments tend to attract and adsorb microalgae in the 
water column, leading to their co-flocculation with the heavier particles and settlement 
down to the bottom (Burkholder 1992 and references therein). 

* Floating macroalgae - Floating macroscopic algae (macroalgae, appearing as slimy 
growth), mostly filamentous forms that are easily visible (Figure 5), are common responders 
to nutrient pollution in waters which are periodically light-limited from water-column 
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turbidity (e.g. fine-particulate suspended sediments). Filamentous algae can form raft-like 
growths that allow them to remain afloat at or near the surface where they can access high 
light while remaining bathed in the nutrient-rich water. Green algae (Chlorophyta) such as 
Oedogonium spp. and Spirogyra spp. often form massive, slimy growths at or near the water 
surface under nutrient over-enriched conditions (Perrin et al. 1988, Benke and Cushing 2005, 
Mackay 2006, Burkholder 2009 and references therein, Lapointe et al. 2018). Excessive 
growth of filamentous algae can cause major diel DO fluctuations (Pitcairn and Hawkes 
1973, Kirk 1994). 

 

Figure 5. Floating filamentous algae - Upper left: the potentially toxic cyanobacterium 
Lyngbya wollei; upper right: the green alga Oedogonium; lower left: the green alga Mougeotia 
mixed with other green algae and duckweeds; and lower right, unidentified filamentous green 
algae (Groton Lakes Association, Groton, MA – at http://grotonlakes.com/lake-weeds/algae/). 

 

* Attached (benthic) filamentous algae - “Benthic” refers to algae that are anchored 
(attached) to rocks and other bottom substrata. Attached filamentous algae have an advantage 
over other benthic algae because they grow with some of their cells extending up into the water 
column, where light is more accessible (Welch et al. 1988, Graham et al. 2010). Nutrient 
pollution commonly supports robust growth of filamentous attached algae in shallow waters 
where light is sufficient to allow them to respond to the elevated nutrient supplies. These algae 
include some of the most well-known, classic responders to P pollution. In the 1960s, the 
attached filamentous green alga, Cladophora (Chlorophyta), in Great Lakes Erie and Michigan 
began to form massive overgrowths along the bottom rock substrata of the western basin of 
Lake Erie because it was strongly stimulated by P pollution from notable sources such as the 
Detroit wastewater treatment plant (WWTP) (Lapointe et al. 2018 and references therein, Lake 
Erie Improvement Association 2012). The Detroit WWTP was the largest source of P entering 
the west basin of Lake Erie at the time, and agricultural inputs (row crops and industrialized 
animal production) from the Maumee River also were (and remain) substantial (Bukhari et al. 

http://grotonlakes.com/lake-weeds/algae/)
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2015 and references therein). Significant P reduction led to a major decline in Cladophora in 
the 1970s, until food web disruptions from exotic/invasive zebra and quagga mussels provided 
an alternate P source that enabled its comeback more than a decade later (note that some 
external sources have also increased, such as agricultural inputs to the west basin of Lake Erie; 
Bukhari et al. 2015, Apostel 2016, Ho and Michalak 2017). Cladophora also proliferates on 
rocky substrata in alkaline streams of the Upper Midwest. In waters of central Illinois, Royer et 
al. (2008) noted that “it is often filamentous macroalgae…that reach nuisance levels in 
streams.” In the Illinois River basin, a species of attached, filamentous Cladophora was found 
to grow optimally under high P enrichment (TP concentration 600 µg/L; Leland and Porter 
2000). 

It is important to note that other forms of benthic algae (sometimes called periphyton) such as 
microscopic diatoms, green algae, and cyanobacteria, can also form noxious growth as slimy 
layers (biofilms) in response to nutrient pollution in clear to moderately turbid or murky waters 
(e.g. Welch et al. 1988, Miltner 2010) until light limits their growth (Wetzel 2001). During 
warmer seasons in light-sufficient conditions, cold-optimal diatoms generally give way to 
abundant filamentous green algae and cyanobacteria (Wetzel 2001, Graham et al. 2010, 
Lapointe et al. 2018). 

 
Harmful algae (all three above groups) - As explained, algae are the major primary producers 
in most aquatic ecosystems, and they are vital to healthy food webs. Nutrient pollution, 
however, acts analogously to too much lawn fertilizer that causes overgrowth of plants 
including noxious weeds. Harmful algae are defined here as algae that are undesirable to 
people or detrimental to aquatic ecosystems because they (1) become too abundant or 
“weedy” and “bloom” (proliferate) in response to nutrient over-enrichment and then, at night, 
use most or all of the oxygen in the water for their respiration, so that the fish and other 
desirable organisms suffocate or become badly physiologically stressed; (2) become too 
abundant in response to nutrient enrichment, and overgrow beds of desirable rooted 
vegetation so that the beneficial plants cannot receive enough light to survive; (3) cause or 
promote disease in beneficial plants or animals; and/or (4) produce chemical poisons called 
toxins that hurt or kill fish and other higher animals in the food web, sometimes including 
humans. Harmful algae of inland waters are highlighted in Burkholder (2009 - general 
information), Burkholder et al. (2010 - drinking source waters), Lapointe et al. (2018 - 
cyanobacteria as macroalgae), as general references. 

The most notorious and damaging harmful algae in freshwaters, both ecologically and 
economically, are certain cyanobacteria, which generally form noxious blooms in warmer 
seasons. Importantly, they are “nutrient loving” - that is, their outbreaks develop in waters 
that are substantially degraded by nutrient pollution. These organisms are capable of making 
toxins (cyanotoxins) that have caused serious human disease and death throughout the world. 
They are well known throughout the Mississippi River basin; in fact, some of the highest 
cyanotoxin concentrations known were reported from the upper Midwest (Hedman et al. 
2008). Cyanobacteria make a wide array of toxins that are capable of making a wide array of 
other toxins that cause human gastrointestinal illnesses, neurological diseases, skin diseases, 
and other illness (Burkholder et al. 2009 and references therein). Some cyanotoxins also can 
promote malignant tumors in mammals (Burkholder 2002, and references therein). The most 
common cyanotoxins, microcystins, are extremely potent liver toxins (hepatotoxins), and 



16 
 

 

potent tumor promoters (Burkholder 2002, and references therein). They can cause diarrhea, 
vomiting, weakness, and death from liver hemorrhaging. They can also damage kidney and 
lung tissues, as well as nervous system damage; and they can cause increased gene damage 
(breakage of chromosomes) in human white blood cells. The World Health Organization 
(2003, p.105) reported “high probability of adverse health effects [from cyanobacterial scum 
formation] in areas where whole-body contact and/or risk of ingestion/aspiration occur.” The 
WHO listed adverse health effects including the “potential for acute poisoning, potential for 
long-term illness with some cyanobacterial species, and short-term adverse health outcomes, 
e.g. skin irritations [and] gastrointestinal illness.” 

 
Although the WHO (2003) developed guidelines that related chla concentrations or cell 
counts to probable cyanotoxin levels, these guidelines have not been broadly applied (U.S. 
EPA 2016b). The problem is that there is generally no reliable way to determine whether a 
cyanobacteria bloom is benign, minimally toxic, or highly toxic based on the size of the 
bloom, the total biomass (as chla), or the number of cells present. Instead, the toxins must be 
measured. Small blooms and developing blooms tend to be much more toxic than large, 
aging blooms (Gobler et al. 2016 and references therein). An exception to this generalization 
is that in some locations, based on the benefit of substantial data, realistic risk assessment of 
cyanotoxin exposure can be attained. For example, for Minnesota lakes, severe 
cyanobacteria blooms have been defined as characterized by chla concentrations of 30 µg/L 
or more (Lindon and Heiskary 2009, p.245). As blooms exceed 30 μg chla/L, the frequency 
of moderate to high risk of cyanotoxin exposure increases to 12%; above 50 μg chla/L (very 
severe blooms), the likelihood of moderate to high risk of cyanotoxin exposure increases to 
28%; and all high-risk cyanotoxin concentrations have been associated with chla 
concentrations above 30 μg/L (Lindon and Heiskary 2008, 2009). 

 
* Plants (macrophytes, higher plants, vascular plants) - Plants in aquatic habitats are 

similar to those on land in having vascular tissue which helps to form their roots, stems, 
flowers, and leaves. Although they tend to be a minor component of aquatic ecosystems in 
comparison to algae, they can be abundant locally, and certain species can be major 
responders to nutrient pollution (e.g., the “phosphorus-loving” invasive species Eurasian 
watermilfoil, Myriophyllum spicatum; Smith and Barko 1990). These are the most notorious 
“aquatic weeds,” and their rapid overgrowth can choke lakes, block boat traffic, and impair 
designated uses for primary recreation such as swimming (Figure 6). Their biomass is 
reported per unit lake or river area, such as grams of biomass per square meter of the bottom 
mud. Some noxious species, such as hydrilla (Hydrilla verticillata) and Eurasian 
watermilfoil, can become separated from the bottom substrata to form floating masses in the 
water column. Then, their biomass is much more difficult to measure and could be reported 
either on an area (per square meter) or volume (per cubic meter) basis. 

 
III.b.2. Nutrient -Related Processes, Descriptors, and Effects 

Trophic status refers to a ranking system for aquatic ecosystems, based on the energy from 
biota production that is available to the food web (Dodds 2007), or the available amount of 
organic production (especially phytoplankton production) and nutrient (N, P) levels (Table 1). 
Trophic state generally refers to the energy available to the food web in an ecosystem There 
are three basic categories, qualitatively: 
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Figure 6. Noxious Eurasian watermilfoil clogging lakes, boat motor propellers, and interfering with primary 
recreation (lower right photo from  a Wisconsin  lake also  includes  filamentous algae). Upper left: Lake  Taylor, 
VA (The Virginia Pilot, Aug. 6, 2012); upper right, Oneida County Aquatic Invasive Species Program,  
Rhinelander, WI); lower left: Candlewood Lake, CT (CT Post, Bridgeport, Aug. 9, 2016; lower right, in a 
Wisconsin lake (http://shadowlakeassociation.org/wp-content/uploads/2015/10/Milfoil-swimming-through-it.jpg). 

 
 

Oligotrophic - characterized by relatively high phytoplankton species diversity but low 
phytoplankton biomass (production), low nutrient supplies (concentrations and loads), 
low decomposition, and plentiful dissolved oxygen (DO) throughout the water column. 

Mesotrophic - characterized by moderate phytoplankton biomass and moderate nutrient 
supplies. 

 

Table 1. Some eutrophication survey guidelines for lakes, considering average 
concentrations. From Wetzel (2001). 

Oligotrophic Mesotrophic Eutrophic 
 

TP (µg/L) < 10 10-20 > 20 
TN (µg/L) < 200 200-500 > 500 
Secchi depth (m) > 3.7 3.7-2.0 < 2.0 
Hypolimnetic dissolved oxygen > 80 10-80 < 10 

(% DO saturation)    

Phytoplankton (suspended < 4 4-10 > 10 
microalgal) chla (µg/L)    

Phytoplankton production 7-25 75-250 350-700 
(g C m-2 d-1)    

 
 

 
Eutrophic - characterized by high phytoplankton biomass but low species diversity, high 

nutrient supplies (especially N and P), high decomposition in the bottom water, and 
bottom-water DO deficits, sometimes also with fish kills. 

http://shadowlakeassociation.org/wp-content/uploads/2015/10/Milfoil-swimming-through-it.jpg)
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Hypereutrophic - this fourth category of trophic status is sometimes included, defined as 
waters with extremely high nutrient concentrations and productivity; Wetzel (2001) 
describes lakes in this category as having > 750-1200 µg TP/L, > 100-150 µg chla/L, and 
Secchi depth transparency < 0.4-0.5 m if the turbidity is mostly algal-related rather than 
from mineral precipitates (e.g., calcium carbonate) or suspended sediments (note - 
information on this category was not included for TN). 

 
Quantitative rankings for these categories also have been developed, such as Carlson’s (1977) 
trophic state index. This index is calculated using paired data from the upper water column 
(photic zone, or depth < 2.5 m) for Secchi depth, TP, and chla over the summer season 
(Carlson and Simpson 1996); resulting index numbers are relegated to general categories of 
oligotrophic, mesotrophic, eutrophic, and hypereutrophic. The TN concentration can be used 
to develop a trophic state index as well (Kratzer and Brezonik 1981), although that index was 
designed to be used in N-limiting conditions which are not characteristic of most surface 
waters in the Mississippi River basin (Houser and Richardson 2010, Houser et al. 2010). 

While rivers and streams are also described using the same terms for trophic status, they are 
more complex and more variable in response than lakes because they are strongly controlled 
by (highly variable) flow dynamics. Moreover, lakes are innately much more sensitive to 
nutrient pollution than streams because water remains in lakes much longer, so that algae and 
plants have more time to respond to the increased nutrient supplies. Streams and rivers can 
flush or self-cleanse much more quickly. Thus, much lower nutrient concentrations in lakes, 
relative to streams, can stimulate noxious algal growth (Dodds and Welch 2000, Dodds 
2006) (Table 2). 

 
It should be noted that reservoirs (sometimes called artificial lakes or, in some cases, run-of- 
river impoundments), made by damming a river, are also complex because they are intermediate 
between lakes and streams in flushing (water retention time) and in sensitivity to nutrient 

 
Table 2. Suggested guidelines (thresholds) for trophic boundaries in rivers and streams, considering 
benthic algal abundance (mean and maximum chlorophyll per unit area of stream bottom), suspended 
(sestonic) microalgal abundance, and mean nutrient (TN, TP) concentrations (data from the 1990s; 
Dodds et al. 1998). These guidelines were based on cumulative frequency distributions of the data 
(oligotrophic or nutrient-poor streams, lowest 1/3rd of data; mesotrophic, middle 1/3rd of data; eutrophic, 
highest 1/3rd of data). An unknown proportion of the sites used to create these guidelines were true 
reference sites. Note that the numbers for suspended microalgal chla were not specified as to whether 
they were means or maxima; the those numbers were based on the dataset from Van Nieuwenhuyse   
and Jones (1996), who reported summer means. Modified from Dodds et al. (1998; also see Dodds and 
Smith 2016). 

Variable Oligotrophic Mesotrophic Eutrophic 
 

TP < 25 µg/L 25 - 75 µg/L > 75 µg/L 

TN < 700 µg/L 700 - 1500 µg/L > 1500 µg/L 

Suspended microalgal chlorophyll < 10 µg/L 10 - 30 µg/L > 30 µg/L 
(chla)    

Mean benthic algal chla < 20 mg/m2 20 - 70 mg/m2 > 70 mg/m2 

Maximum benthic algal chla < 60 mg/m2 60 - 200 mg/m2 > 200 mg/m2 
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pollution. Reservoirs present an additional challenge because they were artificially created after 
European settlement of this country, so they do not have “natural” background reference 
conditions per se (Jones et al. 2009). The U.S. EPA (2000a) considers them together with natural 
lakes as a conservative (protective) approach. 

In a waterbody or set of similar waterbodies, ideally the predominant key responder group(s) 
among those described above should be the main response variable(s) emphasized in the 
development of numeric nutrient criteria. If `this is not done, then the most important response 
variable(s) will be omitted from consideration, and the resulting criteria will not protect the 
designated uses of the system(s) from impairment due to nutrient pollution. For example, if a 
river downstream from numerous point source dischargers is choked with macrophyte aquatic 
weeds, but suspended microalgae are used as the key responders to nutrient pollution in the 
system, then the resulting numeric criteria will fail to restore or protect the designated uses 
from additional impairment. Such action would be analogous to trying to treat a heart attack by 
focusing on the stomach; it is not logical, and it would not work. 

 
Overwhelmingly, however, suspended microalgae are usually targeted as the key responders to 
nutrient pollution in lakes, reservoirs, and larger rivers, and benthic algae (periphyton) are 
generally targeted as the main response variable in smaller (wadeable) streams (Wetzel 2001, 
and references therein; Robertson et al. 2006 , 2008; Miltner 2010) - even when other key 
responders such as floating macroalgae or rooted macrophytes predominate. In part this 
happens because suspended microalgae are easiest to quantify and the most information is 
available about them. Less information is available for benthic algae. As examples, recreation 
and aesthetics designated uses of small, shallow streams and shallow larger rivers in the 
mountainous western U.S. and British Columbia, Canada were considered to be protected 
when benthic algal abundance, as the indicator pigment chlorophyll a, was below 50 mg/m2, 
and undesirable changes in aquatic life were avoided at benthic chlorophyll below 100 mg/m2 
(Nordin 1985, in U.S. EPA 2000c). Welch et al. (1988) showed that noxious filamentous algae 
tended to dominate benthic algae in streams when chlorophyll levels exceeded 100 mg/m2. 
They described noxious levels of benthic algae in response to nutrient pollution as occurring at 
100-150 mg chlorophyll/m2 of stream bottom. Various other analyses have indicated that 
benthic algal abundance greater than 150 mg chlorophyll a/m2 in nutrient-contaminated rivers 
is undesirable (Heiskary et al. 2013; Suplee et al. 2009, 2015). 

 
Dissolved oxygen (DO) is needed for the survival of most aquatic life, just as oxygen is needed 
for most organisms on land. It is also needed for most decomposition of dead algal/plant/ 
animal remains. Oxygen solubility in water is inversely related to temperature (Stumm and 
Morgan 1995); thus, warmer waters hold less DO, so waterbodies are especially sensitive to low- 
oxygen conditions during summer. The following conditions can be caused indirectly by nutrient 
pollution through over-stimulation of algae and algal overgrowth (see harmful algae, above): 

Anoxia (adjective, anoxic) - Condition in which there is negligible or no DO in the water 
(technically 0 mg/L; sometimes considered as less than 0.1 mg DO/L). 

Hypoxia (adjective, hypoxic) - Condition in which the water has depressed DO levels that 
generally are too low to sustain healthy populations of most fish species for extended 
periods (usually considered as less than 2-3 (4) mg DO/L; Mississippi River Basin 
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Watershed Nutrient Task Force 2010). Hypoxic levels of 3-4 mg DO/L can stress or kill 
sensitive stages of some aquatic animals (e.g., Parker 2013). 

Diel DO variation (DO “swing” over an entire day-night cycle) - The magnitude of the 
change in DO over a 24-hour period, from the lowest concentration (often just before dawn) 
to the highest concentration (often in the early to mid-afternoon during/after high algal/ 
plant photosynthesis - Figure 7). For example, diel DO swings (variation) of more than 4 
mg/L have been shown to be especially detrimental to beneficial aquatic life in rivers of the 
upper Midwest (Heiskary and Markus 2003). 

 

Figure 7. Diagram showing how plants on land (left) and in water (right) affect oxygen 
through their photosynthesis and respiration during day and night conditions. 

 

Saturation - Condition in which the amount of oxygen dissolved in the water is at equilibrium 
(that is, the same as) the amount of oxygen in the overlying air. More specifically, oxygen 
saturation is 100% of air saturation, as the ratio of the concentration of DO in the water to 
the maximum amount of oxygen that can dissolve in the water at that temperature and 
pressure under stable equilibrium. 

Supersaturation - Condition in which the DO exceeds 100% air saturation, which occurs in 
surface waters either from rapid flow/bubbling in streams, rapid aeration from overflow 
at a dam, artificial aeration, or - most commonly - due to algal/plant photosynthesis 
during the day (Figure 7). Gas supersaturation can cause gas-bubble disease in fish, 
wherein gas emboli develop in the blood vessels of gill filaments, skin, heart, and other 
organs, often leading to death (Weitkamp and Katz 1980, Nebeker et al. 1981, Huang et 
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al. 2010, Suplee et al. 2015 and references therein). Total dissolved gas supersaturation 
of more than 110-120 (125)% has been recommended as a defensible TDG standard to 
protect fish from gas-bubble disease (Weitkamp and Katz 1980; see Suplee et al. 2015). 

The contribution of DO to TDG pressure varies depending on the barometric pressure. In 
a trout hatchery study, gas-bubble disease occurred in water maintained at 200% DO 
saturation, corresponding to 120% total dissolved gases (Edsall and Smith 1991). In the 
Yellowstone River, Montana, gas supersaturation was found to be driven mostly by diel 
DO change and peaked at 163% of saturation in model simulations at high nutrient 
additions, corresponding to 113% TDG saturation as determined with an elevation-based 
barometric pressure of 690 mm of mercury, and assuming 100% saturation of atmospheric 
nitrogen and argon gases (Suplee et al. 2015). At the TN and TP concentrations 
recommended in that study, DO saturation was predicted to be at 144% saturation or less, 
corresponding to < 109% TDG. 

 

Note that one, two, or all three of the above conditions indicating DO stress - anoxia/hypoxia 
(e.g., DO sag at night), daytime supersaturation, and/or large diel DO variation - can occur in a 
waterbody affected by nutrient pollution depending on the waterbody characteristics (depth, 
abundance of key responder group(s), light availability, flow dynamics, etc.), season, and 
weather events. Many surface waters that are impaired from nutrient pollution show one or 
two, but not all three, of these conditions in a given 24-hour period (e.g., Huggins and 
Anderson 2005, Morgan et al. 2006, Tafangenyasha et al. 2010, Wilcock et al. 2010). Diel DO 
curves often vary greatly within a given season because they are strongly influenced by 
weather patterns. Moreover, impairment from nutrient pollution commonly happens without 
any of the above three DO conditions - such as nitrate, nitrite, and ammonia toxicity to aquatic 
life (Camargo et al. 2005, Camargo and Alonso 2006); increased total organic carbon (TOC) 
that adversely affects potable water treatment (Walker 1983; and small but highly toxic algal 
blooms that can develop in response to nutrient over-enrichment when surface waters are 
oxygen-replete (Boyer 2007). 

Nutrient pollution generally does not occur “alone,” that is, in the absence of other pollution. 
Waters that are impacted by nutrient over-enrichment need protection from nutrient pollution, 
regardless of whether they are also impacted by other pollutants that can affect DO. As an 
example, various point and nonpoint sources commonly add biochemical oxygen demand 
(BOD) as well as nutrients. Waters with both high BOD and high nutrients should be 
considered nutrient-impaired because numerous studies have shown that, commonly, BOD and 
nutrients are strongly positively related (Mallin et al. 2006 and references therein). Moreover, 
some nutrient forms (for example, organic nutrient forms) can directly contribute to BOD or 
chemical oxygen demand (e.g., ammonia conversion to nitrate in oxygenated waters; Stumm 
and Morgan 1995). 

 
Nutrient ratio science (nutrient stoichiometry) - The study of changes in the relative 
proportions of critical nutrients (especially N and P; also sometimes carbon - C, silica - Si) 
available in the water, in comparison to differences in the allocation of these elements in 
organisms ranging from phytoplankton to fish and other higher levels of the aquatic food web. 
Nutrient stoichiometry can also refer to the relative availability of critical elements in the 
aquatic ecosystem, such as the availability of N and P for algal growth. The water-column 
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N:P ratio heavily influences the quality of phytoplankton as food for aquatic animals. Nutrient 
stoichiometry compares nutrient ratios dissolved in the water versus in phytoplankton cells, 
aquatic plants, and aquatic animals (Glibert et al. 2011 and references therein). 

Nutrient ratio science all derives from what is called the Redfield ratio (Redfield 1958), 
wherein scientists noticed that water-column ratios of several essential nutrients for algal 
growth were similar to nutrient ratios inside the phytoplankton cells. There are two ways of 
determining the Redfield ratio, either by atoms or by weight: 

Redfield ratio (atomic or molar): 106 Carbon : 16 Nitrogen : 1 Phosphorus 
Redfield ratio by mass: 50 C : 7 N : 1 P 

Rapidly growing phytoplankton exhibit uptake ratios roughly in accordance with the 
Redfield atomic ratio, reasonable since the cycles of major and minor nutrients are closely 
related to biological processes in aquatic systems. The Redfield ratio has been widely used in 
natural waters as “healthy,” that is, in balance with respect to N and P supplies. Significant 
deviations from it have been interpreted to indicate nutrient stress in systems where one or 
the other nutrient (N or P) actually was at a supply level that limits phytoplankton growth. 
For example, prior to European settlement of this nation, water with a N:P ratio of 20:1 
(atomic) in low-nutrient, natural waters would have been correctly interpreted to mean that 
the waterbody was P-limited; the “healthiest” ratio, according to Redfield (1958), would have 
been a little lower, at 16:1 (atomic). That is, there should be 16 N atoms for every available P 
atom; in this case, more P would have to be added to bring the ratio down to the “healthy” 
16:1. It should also be noted that, while the N:P ratio is often considered as TN:TP, the 
inorganic N:P ratio (nitrate+ammonium)-to-phosphate ratio is sometimes used (Glibert et al. 
2011), so the user needs to clarify which ratio is being applied. In addition, the “healthy” N:P 
ratio for algae in freshwaters can differ somewhat from the Redfield ratio (Hecky et al. 1993, 
Geider and La Roche 2002). 

Healthy freshwaters are commonly considered to have a N:P ratio at or near Redfield 
proportions. Rapidly growing algae have N and P uptake ratios that can closely follow the 
Redfield ratio, expected since N and P cycles are closely related to biological processes. 
Thus, N and P ratios in the algae can reflect N and P processing in the habitat. Although 
Redfield ratios are widely applied as “the” only ratio used by healthy algal cells in natural 
ecosystems, nature is more complicated, so that the optimum ratio for algal growth can vary 
somewhat depending on the species and the growth rate. At maximum growth rate, the N:P 
ratio converges to a more narrowly defined range that differs depending on the species 
(Hillebrand et al. 2013 and references therein). As explained above, however, the supplies (N 
and P concentrations) as well as the supply ratio are important in assessing the nutrient  
status of a waterbody. Consider this analogy: A person goes to a restaurant. The restaurant 
manager apologetically explains that only 1,600 steaks and 100 potatoes are available for the 
person’s dinner. Which will the person run out of first, the steaks or the potatoes? This is 
obviously a nonsensical question; one person cannot possibly consume 100 potatoes in one 
dinner. The “Redfield ratio” was followed here (16:1), but both supplies are far too great to 
be limiting. 
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Unfortunately, N:P ratios are still being used to infer “which nutrient is limiting,” even in 
extremely nutrient-degraded waters with very high N and P supplies where neither N nor P is 
limiting. It is done frequently by resource managers considering non-limiting conditions, 
such as streams heavily affected by partially treated sewage. It is nonsensical to “force” N:P 
ratios to indicate nutrient-limiting conditions, regardless of what algal bioassays (algal 
growth potential tests, AGPTs) seem to “indicate,” explained as follows. 

 
As an illustration, the TMDL for the Pearl River, Mississippi (Mississippi Department of 
Environmental Quality [MDEQ] 2009, p.13) misstated, “Point source dominated freshwater 
systems are generally nitrogen limited.” The Pearl River below the malfunctioning Jackson 
WWTP had high nutrient supplies (1,570 μg TN/L and 390 μg TP/L) and a TN:TP ratio of 
4.0, indicating a “sewage signature.” According to the U.S. EPA (2000d), minimally 
impacted conditions or “background” conditions recommended as a basis for numeric 
nutrient criteria for rivers in this nutrient ecoregion range from 395-618 µg TN/L and 22.5-75 
µg TP/L, including subecoregions 65 and 74 within level III ecoregion IX. Based on 
minimally impacted conditions, both N and P were excessive. Most of the TN was ammonia; 
some of it was oxidized to nitrate. Both N forms are readily used by algae (Wetzel 2001 and 
references therein). Most of the TP was phosphate, the preferred form of P used by algae 
(Wetzel 2001). These inorganic N and P concentrations were much higher than levels that 
would have limited algal growth. Nevertheless, based on algal growth potential tests 
(AGPTs; Raschke and Schultz 1987), MDEQ (2009) asserted that the Pearl River was 
nitrogen-limited. Because sparse historic information had suggested that P should have been 
limiting rather than N, P reductions from the point sources were targeted while the high N 
levels were not addressed. Clearly, both TN and TP should have been decreased as a 
scientifically sound management strategy because the supplies were much higher than 
“limiting” (oligotrophic to mesotrophic) values for rivers. This lack of understanding, that 
nutrient limitation cannot be invoked unless nutrient supplies are actually at limiting levels, 
resulted in a TMDL that will continue to cause nutrient-related degradation of the Pearl 
River, including both excessive N and extreme N:P stoichiometric imbalance. 

 
MDEQ (2009) based its assessment on nutrient ratios (while overlooking the excessive N and 
P supply concentrations) and AGPTs, wherein there was a higher algal response with N 
additions than with P additions in laboratory assays. The mistake made regarding 
interpretation of the AGPTs rests was a fundamental failure to understand that in an 
extremely high nutrient regime such as the Pearl River below the Jackson WWTP, the 
suspended microalgal assemblage would have shifted long ago (years) to highly pollution- 
tolerant, noxious species like the responders to nutrient pollution described above. All that 
the AGPTs provided was information on which nutrient would fuel yet more growth of those 
noxious, undesirable species; the natural assemblage had long ago been driven out by the 
noxious, highly pollution-tolerant taxa. 

The U.S. EPA (2015a) recognized that restoration of waters which have been driven far out of 
balance in their nutrient stoichiometry and their nutrient supplies will require reducing both 
P and N pollution (that is, N and P co-management) toward re-establishing natural (reference) 
N:P ratios. Unfortunately, as illustrated in the above example, resource managers have often 
continued to emphasize control of one nutrient while minimizing control of the other. It has 
also been argued that if resources are not available to reduce both N and P pollution to 
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desirable proportions, then nothing should be done (!). Obviously, it is important to do as 
much as possible, now, to reduce nutrient pollution; if there is funding to reduce only one 
nutrient at present, then that should be done while working to obtain the funds to reduce the 
other. 

 
Direct versus indirect effects on aquatic life - The above key responders to nutrient pollution 
(Section III.b.1) are directly stimulated by increasing nutrients until nutrients no longer limit 
their growth. Many impacts of nutrient pollution, however, are indirect rather than direct, and 
result from modifications to aquatic food webs due shifts in the food web to more tolerant/ less 
desirable species of primary producers (Burkholder and Glibert 2013, and references therein). 
Examples of indirect effects include lower food quality at the base of the food web, affecting 
all food web levels; oxygen extremes, leading to disease and death of beneficial biota; 
increased turbidity and loss of critical habitat species; and clogged filters and drinking water 
hazards from high algal/plant biomass and algal toxins (Burkholder and Glibert 2013). The 
extent and severity of indirect impacts depend on (i) the primary producers initially present; (ii) 
the characteristics of the enrichment (amount, N:P ratio balance, nutrient form, and the history 
[recent vs. chronic, continuous vs. pulses]); (iii) the flushing rate or water residence time; and 
(iv) other environmental factors that affect the primary producers (temperature, light/turbidity, 
season, grazers, pathogens, other pollutants). For example, if nutrients are added to a river 
during a period of high precipitation, the dilution/washout can minimize the suspended algal 
response. On the other hand, nutrients added to the same area of the river during a low-flow 
period on bright, sunny days can stimulate a noxious algal bloom. 

Numeric nutrient criteria are relatively straightforward when an aquatic system shows a clear 
cause-effect response, for example, when a nutrient addition causes an obvious increase in algal 
biomass to an undesirable level - but many serious impacts of nutrient pollution are more 
insidious, indirect effects. Indirect effects especially occur from chronic nutrient pollution 
delivered as pulses day after day or week after week for months or more, which commonly 
result in gradual, long-lasting, major impacts on aquatic communities. The challenge facing 
resource managers is to develop numeric criteria that protect the designated uses of the 
waterbody(s) from impairment due to indirect as well as direct effects of nutrient pollution. 

 
Effects on recreational uses – The World Health Organization (WHO) (2003), various states 
(Stephenson 2007), and the U.S. EPA (e.g., 2016b) have also considered the impacts of nutrient 
pollution on recreational uses, as illustrated by the following examples. The underlying 
rationale for these efforts is that nutrient pollution strongly stimulates growth of noxious 
cyanobacteria (blue-green algae), which generally become the dominant or most problematic 
primary producers in many surface waters nutrient pollution increases. In efforts to protect 
human health from toxic cyanobacteria, the most important information needed is the 
amount/type(s) of toxin present (U.S. EPA 2016b). Unfortunately, however, health safety 
managers across the U.S. have struggled to obtain quantitative information about the presence 
of cyanotoxins in recreational waters because several major groups of these chemicals can be 
produced by the same bloom, at the same time or at different times; toxin concentrations are 
often higher at the beginning of a bloom when cyanobacteria are less abundant than later in the 
bloom (Gobler et al. 2016 and references therein; but see Lindon and Heiskary 2008, 2009 
below); and accurate concentrations generally are much more expensive to measure than simple 
metrics for cyanobacteria abundance, such as cell number or biomass (chla concentrations). 
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Scientific understanding about toxin presence and impacts during cyanobacteria blooms is still 
remarkably limited, considering that little is known about impacts on human health from aerosol 
exposures or from interactive effects of co-occurring cyanotoxins (U.S. EPA 2016b). 

Cyanobacteria abundance and/or a common cyanotoxin – The WHO (2003) suggested 
cyanobacteria-related thresholds for low, moderate, high, and very high probability of human 
health effects. The cyanobacteria metrics that were considered included cyanobacteria 
abundance as cell numbers per milliliter, cyanobacteria abundance as biomass indicated by chla 
concentrations, and concentrations of a common microcystin (MC), the cyanotoxin MC-LR. 
Cyanobacteria abundance below 20,000 cells/mL and/or 10 µg chla/L (biomass indicator), 
and/or MC-LR concentrations below 10 µg/L, corresponded to Low probability for human 
health effects. Expectation of Moderate occurrence of health effects coincided with 
cyanobacteria abundance at 20,000 to 100,000 cells/mL, 10 to 50 µg chla/L, and/or MC-LR at 
10 to 20 µg/L. High probability for health effects was linked to 100,000 to 10 million cells/mL, 
50 to 5,000 µg chla/L, and/or 20 to 2,000 µg MC-LR/L. Very high probability for health effects 
coincided with > 10 million cells/mL, > 5,000 µg chla/L, and/or > 2,000 µg MC-LR/L. 

These WHO thresholds were developed considering that regulatory agencies commonly have 
the funding or facilities to measure only one of the three factors – usually suspended 
microalgal chla or, less frequently, an accurate measure of cyanobacteria cell numbers (Wetzel 
and Likens 2000). Unfortunately, there are major limitations of this approach, most 
importantly, that small cyanobacteria blooms can be highly toxic (Boyer et al. 2007, U.S. EPA 
2016b) – that is, cyanobacteria cell numbers and biomass as chla actually are often poorly 
related to cyanotoxin concentration. Secondly, as explained above, many regulatory agencies 
across the nation do not have the laboratory capabilities and/or the funding to measure 
cyanotoxins such as MC-LR, and cyanotoxins are much more important from a human health 
perspective than cyanobacteria abundance (U.S. EPA 2016b). A third major limitation of this 
approach is that cyanobacteria produce many different toxins (e.g., there are more than 100 
forms of MCs alone) – and even the same cell can produce multiple toxins (Burkholder et al. 
2018 and references therein) – which suggests that measurement of only one common toxin 
(e.g., MC-LR) or group of toxins (e.g, MCs) that may or may not be present in a given bloom 
is inadequate to safeguard human health from serious cyanotoxin exposure. A fourth major 
limitation is that excessive concentrations of chla (up to 5,000 µg/L or more) and MC-LR (up 
to 2,000 µg/L or more) that the WHO linked to high/very high potential for human health 
effects generally occur as “scums,” that is, as large clumps of cyanobacteria at the water 
surface and along shorelines. Yet, most state agencies require samples collected from below 
the water surface and shorelines. The result is that these highly toxic scums are not included in 
the samples analyzed, despite the fact that scums are a known major threat to the health safety 
of recreationists, especially children (Chorus and Bartram 1999, WHO 2003). 

In a related approach, but specific to a group of waterbodies, chla concentrations were related 
to the presence of MC levels to enable use of chla as an indicator for potential risk to human 
health from MC exposure. This work was conducted in a set of Minnesota lakes. Based on the 
data, “severe” and “very severe” cyanobacteria blooms linked to MCs were defined as being 
above mean chla concentrations of 30 µg/L and 50 µg/L, respectively (Lindon and Heiskary 
2008, 2009). All MC concentrations that posed high risk to human health were found, in those 
lakes, at chla concentrations above 30 µg/L. 
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The U.S. EPA (2016b) released draft recommended quantitative limits for MCs (4 µg/L) and 
cylindrospermopsin (8 µg/L) in recreational waters, unrelated to chla concentrations (also see 
U.S. EPA 2015b-d). These suggested limits, based on oral ingestion only, are guidelines rather 
than numeric standards. As advisories, they are not enforceable. 

User perception surveys – Various states have considered the potential utility of 
recreationists’ perceptions about the suitability of waterbodies for swimming, boating, and 
aesthetics in setting numeric nutrient criteria. These surveys have been based on water clarity 
(which can be strongly affected by algal blooms), TP concentrations, and/or suspended 
microalgal chla (e.g., Heiskary and Walker 1988, Smeltzer and Heiskary 1990, Smith et al. 
1995, Hoyer et al. 2004). The studies are based on simple surveys that solicit respondents’ 
subjective evaluation of the water for recreational use. Respondents rank the waterbody on a 
five-point scale that is simply defined, ranging from 1 = “beautiful” or “excellent” to 5 = “not 
useable” (e.g., Figure 8). Statistical analyses are used to correlate the respondent rankings and 
the water quality conditions that existed at the place and time when the survey was conducted. 

 
 
 
 
 

Figure 8. User perceptions of the 
suitability of Wisconsin lakes for 
recreation, based on rankings (1-5, 
shown in white) in surveys. The 
inflection point at ~20 (21) µg chla/L 
was used by the Wisconsin 
Department of Natural  Resources 
to define “nuisance” algal blooms. 
From Minahan (2017). 

 
 
 
 
 
 
 
 

As examples, a user perception survey indicated that half of recreational respondents in 
Wisconsin perceived some impairment to lake use, and some would not swim, at algal levels 
higher than ~20 µg chla/L (Figure 8). The information was used by the state environmental 
agency to support a definition of “nuisance” algal blooms at 20 µg chla/L or higher (Minahan 
2017). For a set of reservoirs in southeastern Texas, 72% of more than 1500 participants ranked 
waters at or below ~15 µg chla/L in the top two categories (“beautiful, could not be nicer” or 
“very minor aesthetic problems”) (Glass et al. 2006). In West Virginia, recreationists’ 
evaluations of lake quality were correlated with surface-water TP concentrations; at TP levels 
below ~25 µg/L), most respondents assessed lakes as excellent to generally nice for recreation 
(rank, 1-2) (Hansen et al. 2006). 
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An inherent drawback in the utility of user-perception surveys is that the participants sometimes 
show a fundamental inability to relate algal biomass (chla levels or “green water”) to potentially 
dangerous conditions for their health. Thus, in some surveys, recreationists have assessed 
waters with low chla concentrations as moderately poor in recreational quality; in others, such 
as the Minnesota lakes described above, participants have assessed waters with ~30 µg chla/L 
as the top ranking (“beautiful, could not be nicer”) (e.g., Force and Macbeth 2002, Minnesota 
Pollution Control Agency 2010; and see Burkholder 2010). Moreover, these studies mostly have 
not been based on representative samples of recreational users. Instead, most respondents have 
been state agency staff or members of volunteer monitoring associations. Thus, “the results do 
not reflect representative cross-sections of recreational users, or the intensity of recreational use 
across different sites” (Stephenson 2007). 

An important generalization from these studies is that the level of water quality assessed by 
recreationists as suitable for swimming varies substantially with region, waterbody, and the 
individual users. The evaluation strongly depends on what people are used to seeing; as Hoyer 
et al. (2004, p.247) wrote, “Lake users located in areas dominated by eutrophic lakes are more 
likely to tolerate green water and consider it good water quality,” and the opposite has also been 
found (Smeltzer and Heiskary 1990). User perceptions of water quality may also be more 
sensitive to a change in water quality than to absolute parameter levels (Michael et al. 2000). 

 
III.b.3. Units 

The most common units for P and N concentrations are: 
milligrams per liter (mg/L, mg L-1; 1 milligram = 1/1000th of a gram) or 
micrograms per liter (µg/L, µg L-1; 1 microgram = 1/millionth of a gram, or 1/1,000,000th of a gram). 

Scientists also use: ppm, parts per million, wherein 1 ppm = 1 mg/L. 
ppb, parts per billion, wherein 1 ppb = 1 µg/L. 

For suspended algal (phytoplankton or seston) biomass as chlorophyll a, values are usually 
reported in µg/L but may instead be reported as milligrams per cubic meter (mg/m3), wherein 
1 µg/L = 1 mg/m3. Chlorophyll a, representing the living algal biomass, can be corrected 
using simple laboratory techniques (Wetzel and Likens 2000) to exclude the degraded 
chlorophyll (pheopigments) in dead algae, which can sometimes cause spuriously high 
estimates of the living algal abundance. 

The N and P loads are also an important consideration in protecting surface waters from 
excessive nutrients, for example, in efforts to develop total maximum daily loads (TMDLs) 
that are required under some circumstances by the Clean Water Act or permits for sewage 
treatment plants (below). The external load (= volume input x concentration in that volume) 
coming in from the watershed is usually expressed as weight (e.g., grams, pounds, tons, 
tonnes) per unit watershed surface area (hectare or acre, square mile or square kilometer) on 
a per-season or per-year basis. The airshed also contributes, sometimes substantially, to the 
external nutrient load. Internally, that is, within the waterbody, some cyanobacteria species 
can convert (“fix”) atmospheric nitrogen gas (N2) into ammonia (NH3), which can be used by 
many algae and plants; thus, it is important to consider the role of nitrogen-fixing cyanobacteria, 
which can be substantial (Wetzel 2001 and references therein). The total load must also consider 
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the N and P contributed internally from the lake or river sediments into the overlying water, 
referred to as the N and P sediment flux. The bottom sediments are considered the “memory” 
of an aquatic system because a major proportion of the nutrients added to the waterbody from 
external sources settle out to the bottom, adsorbed to suspended sediment particles, algal 
cells, etc. (Wetzel 2001). Nutrients accumulate in the bottom sediments, and when the water 
column mixes or when there is hypoxia/anoxia in the lower water column, a portion of the N 
and P is released from the sediments and moves up into the water. This sediment source of N 
and P is sometimes called “legacy” nutrients. The total N and P load is the combination of 
the external load + the internal load (within the waterbody). 

 
III.b.4. Statistics and Models 

Calibrate (a model) – estimate and adjust model parameters to improve the agreement 
between model output (predictions) and actual data for the system (Rykiel 1996). A model 
typically is calibrated by adjusting parameters for model equations within physically 
defensible ranges until resulting predictions give the best possible fit to the observed data 
from the system (U.S. EPA 2009a). Complex models that simulate more processes require 
more actual data from the system being modeled to calibrate reliably (McConkey et al. 
2004), that is, to ensure that it has predictive power. 

Data – actual measured values or conditions, such as water quality monitoring data. 

Linear relationship and correlation – Linear regression analysis emphasizes predicting one 
variable from the other. Assuming that the fundamental assumption is correct - that the 
relationship between the data being analyzed is linear - the correlation coefficient indicates the 
strength of the relationship between the two variables (Sokal and Rolff 2012). 

Parameter – a constant (or coefficient) in a mathematical equation that is part of a model. The 
predictive reliability of a model largely depends on the coefficients used to parameterize it (= 
the process of selecting the parameters and assigning realistic values to them for the specific 
system being modeled). 

Parameterize – the process of building the model, wherein parameters are selected and realistic 
values are assigned to them considering the specific system of interest. 

Recruitment – the addition of new individuals to a population (e.g., via reproduction and 
growth), or to successive live history stages within a population (Caley et al. 1996). 

Validate (a model) – use different data from the system being modeled to show that the model 
has a satisfactory range of accuracy for its intended application. Validation compares modeled 
(= simulated) system output (for example, dissolved oxygen concentrations in a river) with 
actual data for the system. These data cannot have been used in model development or 
calibration (Rykiel 1996, Mazzotti and Vinci 2010). 

 
III.c. Decreasing Nutrients to Limiting Levels for Protective Criteria 

 
Surface waters historically contained all of the essential elements needed for algae and plants 
to have balanced growth, and P, or N and P, were the nutrients that these primary producers 
ran out of first, relative to their physiological needs (Hecky and Kilham 1988, Wetzel 2001). 
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Thus, in freshwaters, P (or N + P) were evaluated as the “primary limiting nutrients” or “co- 
limiting nutrients” for algal and plant growth. Where other conditions needed for 
photosynthesis are available, such as adequate light and a water residence time that is long 
enough to allow growth without being removed from the system, algae and plants are directly 
stimulated by P or N+P to grow. 

 
If N and/or P become available in amounts that are in excess of their physiological needs, 
eventually algae and plants can become P- or N- or N+P-“saturated.” In such situations, 
another essential resource (such as another nutrient, or a physical resource such as light) can 
become more important in controlling algal/plant growth. This concept is very important 
because when a system has been degraded with chronic, high nutrient pollution, that system 
has to be “pushed back” to P and N levels that are within a limiting range before noxious 
plant/algal biomass will decrease and the system can begin to recover (Figure 9). As shown, 
there is no further growth response of the algae to increasing nutrient concentrations at the 
right of the red arrow; the curve is flat. If a surface waterbody has N or P concentrations 
within the range indicated in orange, then management actions to reduce the nutrient 
concentration to a point still within the orange range will not accomplish a reduction in the 
algal/plant biomass because they will still be N- or P-saturated. The primary producers will 
only decrease when the nutrient levels are decreased back to levels that limit their growth, 
here, within the blue box to the left of the red arrow. 

 
 

Figure 9. Generalized diagram of algal growth versus 
nutrient concentration. The left portion of the curve (within 
the blue box) is where the nutrient is at limiting 
concentrations, so there is a strong response with growth 
increasing as the nutrient concentration increases. In 
contrast, the flat area of the curve (to the right of the red 
arrow, within the orange circle) is where the nutrient 
concentration is so high that algal growth is “saturated,” 
that is, there is no further increase in growth as the 
nutrient concentration continues to increase. Manage- 
ment actions that reduce the nutrient concentration from 
one point within the orange circle to another point that is 
still within the orange circle will not noticeably reduce 
noxious algal blooms. Instead, the nutrient concentration 
would have to be reduced to an area of the curve within 
the blue box in order to achieve the desired noticeable 
decrease in noxious algae. 

 

This concept was further developed by scientists who examined data from nearly 300 temperate 
streams and rivers worldwide, and found that there was a strong curvilinear relationship 
between summer average chlorophyll concentration for suspended microalgae and summer 
mean TP concentration (Van Nieuwenhuyse and Jones 1996 - Figure 10; note that small streams 
sampled within a few miles of treated sewage outfalls were omitted from consideration because, 
as illustrated from the above example of the Pearl River, the extremely high inorganic P 
concentrations and, likely, the high algal biomass that responded, would have biased the study 
to emphasize point source conditions). Also note that other groups of algal/plant responders 



30 
 

 

were not considered. The drainage basin area had a strong effect on chla concentrations at all 
TP levels, as indicated in Figure 10. This study, supported by other work (Royer et al. 2008 - 
Illinois streams), indicated that the cutoff between P limitation and P saturation for suspended 
microalgae in rivers and streams occurs within the range of 200-250 μg TP/L. The analyses 
indicate that at higher TP concentrations, management actions to reduce the average summer TP 
concentration will not result in noticeable declines in noxious algal blooms unless TP is reduced 
to a limiting level for algal growth. Although similar analyses are not available for TN or 
inorganic N, N would be expected to behave analogously; that is, N pollution would need to be 
reduced back to limiting levels for algal growth in order for managers to achieve a noticeable 
decline in noxious suspended microalgal blooms. 

 
 

Figure 10. Watershed level, considering TP in 
streams and rivers, with suspended microalgal 
biomass represented by the chla concentration 
(note that other groups of algal/plant responders 
were not considered). At TP concentrations higher 
than 250 µg/L (dashed line), the curves for rivers in 
both larger and smaller watersheds are nearly flat - 
that is, the P pollution is so high that it no longer 
limits algal growth and there is minimal algal 
response. The gray bar represents the range 
indicates the range at which the algae become P- 
saturated; in this study by Van Nieuwenhuyse and 
Jones (1996), the saturation (lack of further 
limitation by P) occurred at ~250 µg TP/L, whereas 
in another study conducted in Illinois (Royer et al. 
2008), concentrations above 200 µg TP/L were not 
limiting. Graph modified from Van Nieuwenhuyse 
and Jones (1996). 

 
In various lakes and rivers throughout the world, reductions in excess nutrient supplies have 
depressed algal biomass (e.g., Jeppesen et al. 2005, Meals et al. 2010, Rook 2012, Schindler et 
al. 2016) - usually after a lag period (months to ~a decade) when nutrient-rich bottom mud is 
slowly buried so that the “legacy” nutrients accumulated there no longer can enrich the 
overlying water to promote noxious algal blooms. The information shown in Figures 9 and 10 
has major ramifications for developing protective numeric nutrient criteria, whether at general 
(ecoregion) or local (wastewater treatment plant) scales. 

 
IV. Numeric Nutrient Criteria: Rationale, Lines of Reasoning, and Approaches 

 
IV.a. Rationale - The main rationale for setting numeric nutrient criteria is that they create 

clear, direct goals aimed at the two key parameters (N and P) that, in contaminated waters, 
repeatedly have caused undesirable impacts. They facilitate improved control of both point and 
nonpoint sources of nutrient pollution (U.S. EPA 2009b). The U.S. EPA (2000a-c) 
recommended focus on the causal variables, nutrients TN and TP, and secondarily on response 
variables such as chla, in developing numeric nutrient criteria. 
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It is important to emphasize that the overall objective is to develop numeric nutrient criteria 
which protect the designated uses of the waterbody(s) (e.g., primary or secondary recreation, 
potable water supply, aquatic life) from impairment due to nutrient contamination. The criteria 
need to be protective; they should enable protection of the waterbody(s) before noxious algal 
blooms, DO sags, large diel DO swings, kills of beneficial aquatic life, and other 
eutrophication-related impacts occur, not afterward (Stoner 2011, U.S. EPA 2013). 

 
IV.b. Two Lines of Reasoning - The U.S. EPA (2000a-c) recommended developing 

numeric nutrient criteria following one of two lines of reasoning. Under the “minimally 
impacted” line of reasoning, the user estimates the natural or least altered levels of nutrient 
stressors and response variables in nutrient ecoregions, that is, areas characterized by similar 
soils and other background conditions. Criteria are based on the premise that nutrient levels 
should be similar to the natural or least altered conditions. 

In contrast, the “cause-and-effects” line of reasoning focuses on designated uses of the 
waterbody(s) of interest, wherein stressor-response field data, experiments, and/or modeling 
are used to assess or predict what the numeric nutrient criteria should be in order to protect the 
most sensitive designated use(s). Within each line of reasoning, various data can be used 
following science-based approaches (Section IV) or misused (i.e., not used as intended - 
Section VI), as described below. 

The cause-and-effects line of reasoning may identify higher nutrient concentrations than 
reference conditions that still protect designated uses; indeed, the U.S. EPA (2000a-c) 
sanctioned use of minimally impaired conditions which, by definition, would have higher 
nutrient concentrations than reference conditions. For example, 

We often expect algal species richness and evenness to decrease in 
streams with increasing pollution, but nutrients also are a resource 
stressor. Increasing resource availability from low to medium levels can 
increase diversity because low nutrient concentrations might constrain 
algal taxonomic composition to those species adapted to low nutrient 
concentrations….Thus, release from nutrient limitation might allow 
increases in species richness in physically disturbed systems such as 
streams (Biggs and Smith 2002, Huston 2004). Despite this potential 
increase in overall species richness, addition of nutrients could reduce 
relative abundance and richness of native species by altering competitive 
hierarchies or habitat structure (Huston 1994). - Stevenson et al. (2008) 

Caution is warranted, however, regarding adoption of criteria that allow pollution significantly 
above natural or reference levels. For example, protection of a generally described “aquatic life 
use” designation may not be protective of species that are sensitive to nutrient pollution. 

 
Regardless of the approach selected, care should be taken to emphasize populations of 
sensitive species known to be endemic to the waterbody(s) and intolerant of nutrient pollution 
impacts, rather than targeting protection of pollution-tolerant species that can survive in waters 
affected by moderate to high nutrient contamination (e.g., Stevenson et al. 2008, Robertson et 
al. 2008). The selected approach should also use high-quality data (see below) from the past 
~decade, produced by state-certified or other specialist laboratories and collected at least 
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monthly. As a third point of counsel, many waterbodies have multiple designated uses, and 
numeric nutrient criteria should be developed for the designated use that is most sensitive to 
adverse impacts from nutrient pollution (U.S. EPA 2000c, 40 CFR §131.11(a); U.S. EPA 
2013). 

 
IV.c. Five Approaches - Five approaches have been recommended by the U.S. EPA 

(2000a,b) to develop numeric nutrient criteria. These approaches explicitly or implicitly use 
one or the other or both of the two lines reasoning discussed above. 

Minimally impacted - The reference approach falls under the “minimally impacted” line  
of reasoning, wherein criteria are based on the water quality conditions of least or minimally 
disturbed waters. The responses of many beneficial biota to changes in nutrient concentrations 
are non-linear, such that a small change in nutrient concentration corresponds to a relatively 
large change in the biota. The final nutrient criteria should be selected so as to minimize 
degradation in the biotic integrity of the waterbody(s) (Robertson et al. 2006). The threshold 
nutrient concentration (below) where this large, often undesirable change occurs (e.g., loss of 
sensitive beneficial biota) is often only slightly higher than the reference concentration (e.g., 
Robertson et al. 2008). Thus, the reference approach, used protectively, favors anti- 
degradation. 

 
Causes and effects - One or more of the other four approaches can be used within the 

“cause-and-effects” line of reasoning: 

The literature approach relies on suggested boundaries for enrichment classification of lakes 
and reservoirs, and of rivers and streams, developed by scientists from observations of 
waterbodies in a given geographic region or climatic zone. 

The stressor/response-based modeling approach uses available field and experimental data to 
estimate statistical relationships between nutrient concentrations and response measures that 
are relevant to the designated uses. 

The mechanistic modeling approach develops mathematical representations of the ecological 
system(s), processes, and parameters (variables) using equations that can be calibrated using 
site-specific data. This “ecosystem-level” modeling approach is more complex than stressor- 
response modeling because it captures various biogeochemical and other processes that 
characterize the entire ecosystem. Mechanistic models can mathematically describe 
interactions between nutrient availability, algal nutrient uptake, light, flow, etc. that define 
relationships between nutrient concentrations and biological and water quality responses at a 
given location; and they can also simulate water quality variables affected by nutrient 
pollution, such as dissolved oxygen and pH (Suplee et al. 2015). 

 
Finally, “hybrid” analyses using more than one approach, can include the reference 
(minimally impacted) condition, “weight of evidence” of different statistical assessments of 
stressor-response relationships, and mechanistic models (U.S. EPA 2000a-c). These five 
approaches are described in more detail below.1 

 
1 This writing does not consider the more complex guidance published for developing numeric nutrient criteria for 

estuaries and coastal waters (U.S. EPA 2001b). 
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Applicable to all cause-and-effect approaches, the many nutrient stressor/response 
relationships that have been reported may be broadly considered within two general 
categories: Some show a clear threshold or abrupt change along the nutrient concentration 
gradient, whereas others show a gradual decline as the nutrient concentration increases, so 
that a threshold is not clear. For cases where a threshold TN or TP concentration is evident, 
then to protect most aquatic life (including a reasonable number – some, albeit not all – 
pollution-sensitive species), the idea is to “stay away from the cliff.” That is, the threshold 
concentration should not be exceeded. In contrast, if the decline in a desirable biological 
metric is not abrupt but, rather, more gradual as the TN or TP concentration increases, then a 
numeric nutrient criterion should be set which protects most of the species. The basic 
guidance used by the U.S. EPA (Stephan et al. 1985, p.17) for setting other substance criteria 
should be analogously applied to assess where to “draw the line” – 

Instead of being [set as] equal to the Final Acute Value, the Criterion 
Maximum Concentration [here, a numeric nutrient criterion] is now 
[set as] equal to one-half the Final Acute Value. The Criterion Maximum 
Concentration [here, the numeric nutrient criterion] is intended to protect 95% 
of a group of diverse genera (unless a commercially or recreationally 
important species is very sensitive). However, a concentration that would 
severely harm 50% of the fifth percentile or 50% of a sensitive important 
species cannot be considered to be protective of that percentile or that species. 
Dividing the Final Acute Value by 2 is intended to result in a concentration 
that will not severely adversely affect too many of the organisms. 

Application of this rationale to numeric nutrient criteria would result in criteria that protect 95% 
of the species diversity of beneficial biota such as fish and benthic macroinvertebrates, 
including some (although not all) sensitive species (see Section IV.d below). 

 
1. Reference  condition  (minimally  impacted,  or  percentile)  -  This  approach  is  based 

on water quality data for TN and TP in freshwaters within U.S. EPA nutrient ecoregions and 
sub-ecoregions, mainly developed and delineated based on soil types and the predominant land 
use (Figure 11; and see Section 304(a) of the Clean Water Act, national nutrient criteria 
recommendations - https://www.epa.gov/nutrient-policy-data/ecoregional-criteria). 

 

Criteria for each of the delineated ecoregions and sub-ecoregions are derived from the range of 
nutrient levels characteristic of reference or minimally impacted waterbodies, defined as the 
least disturbed or minimally disturbed conditions within a nutrient ecoregion that support 
designated uses (U.S. EPA 2010). The most pristine waters (i.e., with lowest P and N levels) 
within a nutrient ecoregion or sub-ecoregion will occur as a range of concentrations. The U.S. 
EPA recommended taking the 75th percentile of the range of TN and TP concentrations from the 
reference or minimally impacted waters (past ~10 years of data) within the sub-ecoregion was 
recommended for use as the numeric TN and TP criteria. That is, after developing a distribution 
curve of TN and TP concentrations in a group of reference waters, the criteria are set so that 
75% of the observed concentrations are below the numbers chosen for the criteria (Figure 12). 

 
Further, the U.S. EPA reasoned (dubiously – see Evans-White et al. 2014) that the 75th 
percentile of data from true reference waters should be similar in TP and TN concentrations as 

http://www.epa.gov/nutrient-policy-data/ecoregional-criteria)
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Figure 11. Map showing the level III nutrient ecoregions developed by the U.S. EPA (2000a) for its statistical 
approach for derivation of recommended numeric nutrient criteria for freshwaters across the nation. 

 
 

 

Figure 12. Generalized data distributions for reference waters versus all  streams  in  an area  of  interest,  here 
considering streams.  The  U.S. EPA (2000a,b)  recommends  considering the 75th percentile of  the TN  and  TP  data   
as reference conditions. Alternatively, if reference waters are not available, then the 25th percentile of data from all 
streams in the area could be used as the targeted conditions. The diagram shows that the 75th percentile of data for 
reference waters approximates “minimally impacted” conditions, and is similar to, although lower than, the 25th 
percentile of data from all streams.   If in a highly urban or agricultural area, the 5th to 15th percentile of data should      
be used, rather than the 25th percentile of data. 



35 
 

 
 
 

the 25th percentile of data from all similar waterbodies within the ecoregion or sub-ecoregion 
of interest (Figure 12). If waters with reference conditions are not available, then the 25th 
percentile of the range of P and N concentrations from all waters (all lakes and reservoirs, or 
all rivers and streams, past ~10 years of data) can be used. 

 
Importantly, the U.S. EPA recognized that in some areas, waters may be so polluted that even 
the lowest (best) 25% of the observations will represent highly polluted conditions. If most 
waters within a sub-ecoregion of interest are degraded  ̶  for example, in highly urbanized or 
agricultural areas  ̶  then the U.S. EPA (2000c) recommended taking the 5th to 15th percentile (5th 
percentile if the area has most land cover in urban or agricultural use) of the range of P and N 
concentrations as the targeted numeric P and N criteria. The range in percentiles allows some 
adjustment depending on the known severity of the water quality degradation. For example, in 
dense corn belt areas, the U.S. EPA recommended using the 5th percentile of the range of P and 
N concentrations, whereas in moderately urbanized areas the 10th or 15th percentiles could be 
used. As another alternative, reference TN and TP concentrations from an adjacent sub- 
ecoregion with similar characteristics but less human disturbance could be used as the numeric 
P and N criteria. 

 
Note that the “reference approach” is confusingly named, since most reference streams (1st 
through 74th percentiles of data, including those with the most pristine conditions, come out 
as “better than natural” using the U.S. EPA (2000a-c) reasoning. Focus on the reference 
condition at the 25th percentile will fail to protect remaining pristine or highest-quality waters. 
“Minimally impacted” may not accurately describe the reference conditions either, because 
the 25th percentile of all-streams data may be a considerably more degraded condition than 
minimally impacted.2 

 
The reference condition approach at least has the virtue that it is straightforward to use in 
freshwaters, as illustrated by the following examples: 

 
Illinois River at Peoria, north-central Illinois (nutrient ecoregion VI, Corn Belt and Northern 
Great Plains; sub-ecoregion #54 - Figure 13): The 25th percentile of all-streams data (Table 3) are 
the numeric criteria suggested by the U.S. EPA (2000e). These highly polluted waterbodies have 
recommended criteria of < 2,461 µg TN/L (calculated from TKN + NOx) and < 72.5 µg TP/L 
using the U.S. EPA reference (minimally impacted) approach. 

 
 
 

2 In addition, the reference approach does not target protection of designated uses per se, as does the Clean 
Water Act. It is assumed that reference or minimally impacted conditions will protect designated uses, but that 
depends on the designated use. For example, many waterbodies have designated use by (generic) “aquatic life.” 
Reference waters typically support sensitive fish species and are characterized by low algal biomass. In Missouri 
the desirable present-day condition for designated use by “aquatic life” has been clarified to target sportfish 
species (Missouri Department of Natural Resources 2016), which are tolerant of nutrient-enriched waters (e.g., 
Hoyer and Canfield 1996). The low algal biomass typical of reference conditions could be inadequate to support 
the designated use by aquatic life - sportfish species 
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Figure 13. Map showing the locations of the nutrient sub-ecoregions 
within level III ecoregion VI (see Figure 11), also showing the location 
of the Illinois River at Peoria. Modified from the U.S. EPA (2000e). 

 
Table 3. Numeric TN, TP, and chlorophyll a 
criteria recommended for the Illinois River at Peoria, 
using the statistical method (U.S. EPA 2000e). 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Lake Chippewa, northwestern Wisconsin (nutrient ecoregion VIII, Nutrient-Poor Largely 
Glaciated Upper Midwest and Northeast, sub-ecoregion #50 - Figure 14, Table 4). This much 
cleaner waterbody has recommended criteria of < 323 µg TN/L (calculated as above) and < 
9.69 µg TP/L using the U.S. EPA reference (minimally impacted) approach. 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Figure 14. Map showing the locations of the nutrient sub-ecoregions 
within level III ecoregion VIII (see Figure 11), also showing the location 
of Lake Chippewa, WI. Modified from the U.S. EPA (2000f). 

Table 4. Numeric TN, TP, and chlorophyll a 
criteria recommended for the Lake Chippewa, 
northwestern WI, using the statistical method 
(U.S. EPA 2000f). 
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To some extent, these differences may reflect differences in natural conditions, but to a large 
extent they also implicitly assign higher (weaker, i.e., less protective) criteria to waters that are 
polluted – for example, in Figure 13, reflective of the name of one of the ecoregions, the “Corn 
Belt.” It is, then, somewhat like dividing students into two classes of good students and poor 
students, and grading each of the two classes on a curve set by the scores of each class. 

 
2. Literature approach - This approach relies upon the published science literature as 

the source of numeric nutrient concentrations indicating minimally impacted (nutrient-poor 
or oligotrophic), moderately nutrient-enriched (mesotrophic), and highly nutrient-enriched 
(eutrophic or hypereutrophic) conditions (Tables 1 and 2). For example, resource managers 
might appropriately select mesotrophic levels of TN and TP to protect the designated uses of 
lakes that lie within watersheds containing naturally nutrient-rich soils. For smaller 
(wadeable) streams, numeric nutrient criteria could be based on cumulative frequency 
distributions of literature data (U.S. EPA 2000b) (e.g., Table 2). A margin of safety can be 
provided by adopting numeric criteria targets that are 5-10% more protective than the 
literature values. The load reductions needed to achieve the targets can be estimated using 
the dilution capacity of the streams at very low flows (e.g., the lowest 30-day average flow 
likely to be measured in 1 of 10 summers). 

 
3. Stressor/response (or effects-based) approach, sometimes called empirical stressor-

response modeling, is discussed at greatest length here because it has been favored by most 
states, although it requires large datasets for both water quality and biota (e.g., fish and 
macroinvertebrates including sensitive species) to derive numeric nutrient criteria, and can 
also require more advanced statistical expertise depending on the analysis. As explained 
above (Section II.b.2, pp. 24-26), recreational uses have also been considered in developing 
numeric nutrient criteria using stressor-response approaches, although some types of data are 
limited or have had limited utility (e.g., user perceptions). 

 
The stressor/response approach has been subject to misuse (see Section VIa,d), but it can be 
sound if used as statisticians designed and intended. This approach relies on predictive 
relationships linked to protection of designated uses (e.g., trophic state classifications, models, 
recreation, biocriteria). The stressor/response approach can show a clearer link between 
nutrient criteria and designated uses than the reference approach, and it allows consideration 
of different management objectives (U.S. EPA 2000a). 

 
As a caution, substantial data are usually required that extend beyond nutrient concentrations 
and response variables, including measurements of environmental factors that potentially can 
confound the estimated relationships, such as temperature or flow conditions (U.S. EPA 
2010). The stressor-response approach can be used when sufficient data are available to 
estimate, accurately, a relationship between nutrient concentrations and a response measure 
that is directly or indirectly related to a designated use of the waterbody(s) - such as a 
biological index or a recreational use measure (U.S. EPA 2010). Numeric nutrient criteria that 
are protective of designated uses are derived from the estimated relationship. There is strong 
precedent for use of biological data to support stressor-response criteria derivation. A good 
example is given in Robertson et al. (2006, 2008) for Wisconsin streams, which suggested 
numeric concentrations that would minimize degradation of the biotic integrity of the 
waterbodies. 
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Stressor-response relationships can be valuable in characterizing progressive degradation in 
waterbodies with increasing nutrient pollution stressors (TN, TP). They help to identify the 
nutrient concentrations that support valued ecological attributes such as a healthy fish 
community (Stevenson et al. 2008). In this approach, nutrient concentrations are 
quantitatively related to valued ecological features (e.g., water clarity) and specific benefits 
(e.g., smaller, fewer noxious algal blooms) of protecting ecosystems at specific nutrient levels. 
Thus, stressor-response relationships can be used to establish numeric criteria at nutrient 
stressor concentrations that provide the desired level of protection for the valued ecological 
attribute (Stevenson et al. 2008). They can be assessed across various scales, from small 
laboratory bioassays to field surveys that correlate nutrient levels with abundance of desired 
aquatic biota or indices of aquatic community health. 

In such efforts to quantify stressors, identification of thresholds can be especially valuable in 
justifying criteria at specific nutrient levels (Muradian 2001, Stevenson et al. 2008). A 
threshold is defined as a sudden change in desired conditions along a nutrient gradient. At or 
below the concentration threshold, the designated use(s) will be protected. The first threshold 
is commonly related by the analyst to the 75th percentile of data for sensitive species numbers 
(or abundances), that is, the concentration above which there is a sudden 25% decrease in 
species numbers. For example, TP concentrations below the threshold concentration at the 
75th percentile of sensitive macroinvertebrate species would protect 75% of those species. At 
slightly higher TP concentrations, a sudden loss of ~25% of those species would occur. 

The U.S. EPA (2010) published a recommended technical guide on “Using Stressor-response 
Relationships to Derive Numeric Nutrient Criteria,” including four basic steps, briefly 
summarized as follows: 

(1) Develop a conceptual model(s) for known relationships between N and P concentrations, 
biological responses, and attainment of designated uses for the specific study area and 
waterbody(s) of interest. A conceptual model is a visual representation of relationships 
among human activities, stressors such as TN and TP pollution, biological responses, and 
designated uses. Such models reflect accepted scientific knowledge and help guide 
numeric criteria development; 

(2) Assemble data and conduct initial exploratory analyses, using variables (factors) that 
represent different concepts shown in the conceptual model (e.g., N and P 
concentrations, and response variables directly or indirectly related to designated uses, 
such as chla [noxious algal blooms] and DO [low DO, death of beneficial aquatic life 
such as fish]). Make simple graphs (e.g., scatter plots, bar graphs, box plots [box-and- 
whisker plots]) of the available data on nutrients and response variables in the 
waterbodies of interest, or maps of the data in the region of interest. Also conduct 
simple statistics such as correlation analyses to assess potential relationships among the 
variables (e.g., TP versus chlorophyll a); 

(3) Assess stressor-response relationships between nutrient concentrations and selected 
response variables: For a group of similar waterbodies (e.g., lakes within a nutrient 
sub-ecoregion), conduct various analyses to assess whether causal and response 
variables are related. 
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(4) Derive numeric TN and TP criteria from these relationships, and evaluate the accuracy 
and precision of the estimated stressor-response relationships with documented analyses. 

Some commonly used techniques in stressor-response analysis and actual derivation of the 
criteria are described below with supporting illustrations. 

 
3a. Empirical Models and Assumptions that Must Be Met for Their Use 

Empirical models are useful when adequate data allow development of statistically significant, 
strong relationships. The parametric statistical tests used in these models have the underlying 
assumption that the data are normally distributed – that is, the data follow a bell-shaped curve. 
Normal distributions are defined by two parameters, the mean and the standard deviation. In a 
classic normal distribution, 68% of the area under the bell curve is within one standard 
deviation of the mean, and ~95% of the area is within two standard deviations of the mean 
(Sokal and Rolff 2012). 

Empirical models have been valuable in predicting algal biomass responses, for example, in 
lakes (Vollenweider 1968), large rivers (Basu and Pick 1996), and wadeable streams (Dodds et 
al. 1997, Biggs 2000, Smith et al. 2013). Most commonly, empirical regression models have 
been used to quantify relationships between nutrients and algal biomass or other biological 
metrics, considering data from a group of similar waterbodies (e.g., Jones and Bachmann 1976, 
Dodds et al. 1997). They have been used to set the general parameter boundaries (TP, TN, 
chlorophyll a, water transparency as Secchi depth) for lakes (Wetzel 2001 and references 
therein). Suplee et al. (2015) reviewed empirical modeling methods for numeric nutrient 
criteria applied to streams and rivers, and concluded that over the past ~15 years, there has 
been growing consensus about nutrient thresholds and responses (e.g., Dodds et al. 1997, Biggs 
2000, Dodds and Welch 2000, U.S. EPA 2000a, Sheeder and Evans 2004, Stevenson et al. 
2006, Wang et al. 2007, U.S. EPA 2010, Morgan and Kline 2011, Chambers et al. 2012, 
Stevenson et al. 2012, Smith et al. 2013, Smucker et al. 2013, Evans-White et al. 2014). Suplee 
et al. (2015) concluded, from these works, that depending on the waterbodies, 210-1,700 µg 
TN/L and 10-90 µg TP/L have been recommended to minimize noxious algal growth, DO 
deficits, and/or undesirable changes in valued biological communities such as fish and 
macroinvertebrates. 

3a.1. Simple linear regression (SLR)3 

Considering the most often-used empirical model, SLR, initial data analysis (guided by scatter 
plots and other exploratory information gathered in step 2 above) provides an estimate of the 
extent to which (if any) there is a linear relationship between a causal variable and a response 
variable. A stressor-response relationship estimated by SLR predicts the value of the 
response variable at a given nutrient concentration, so if the desired value of the response 

 
3 “Simple” refers to the fact that the models are two-dimensional, one causal variable and one response variable 

are the focus, and the simplest relationship is considered to be linear. The relationships in these models are 
mainly linear but may deviate from linearity over portions of the data range; a relationship can be linear over 
some range, then hyperbolic over another, then flat over another. 
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variable supportive of the designated use of the waterbody(s) is known (e.g., mesotrophic 
lake conditions at 20 µg chla/L, based on what is known about the system and/or on 
published science such as the information summarized in Tables 1 and 2), then the stressor- 
response relationship can indicate the average TP level corresponding to that chlorophyll 
concentration. 

SLR summarizes the conditional mean (average) relationship. Several major assumptions must 
be met before a linear regression analysis can be accepted. First, the analyst fundamentally 
must determine that a straight line is appropriate for representing the relationship being 
modeled. This assumption can be evaluated statistically, but often is checked based on visual 
inspection of the data. The examples below show (Figure 15) appropriately linear data, versus 
(Figure 16) inappropriate application of simple linear regression analysis to the data. 

 

 
Figure 15. Linear relationship between chlorophyll a and (a) TP or (b) TN concentrations in surface 
and near-surface waters of a set of temperate-zone lakes in summer (May, June, July). Numbers next 
to points represent the N:P ratio (by mass). Note that lakes with exceptionally low and exceptionally 
high N:P ratios are outliers in the TP-chlorophyll a and TN-chlorophyll a relationships, respectively. 
Modified from Sakamoto (1966) in Kalff (2002). 

 
 

In Figure 15, simple visual inspection indicates that a SLR would fit the data well. This figure 
depicts a major advance in the science of eutrophication, the development of statistically 
significant linear relationships between phytoplankton biomass in lake surface waters and 
water-column concentrations of TP and/or TN (Sakamoto 1966, Dillon and Rigler 1974, Jones 
and Bachmann 1976, Cooke et al. 2005). Based on simple models developed from these 
relationships (e.g., Dillon and Rigler 1975), quantitative estimates of in-lake nutrient 
concentrations were predicted from watershed nutrient inputs (e.g., the number of cottages 
around a lake). Note that for highly variable data, in this case comparing lakes from variable 
regions of the world, the data can be plotted on a log-log scale. Use of the log of the N or P 
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data reduces the influence of extreme outlier values (that is, very high or low N or P 
concentrations) and facilitates detection of a linear relationship if present. 

 
 

Figure 16. Relationship between TP concentration and the EPT metric (= sensitive aquatic macroinvertebrate 
insects including ephemeropterans - mayflies, plecopterans - stoneflies, and trichopterans - caddisflies): Left – 
Inappropriate fit of the data to a straight line resulted in misinterpretation as “no strong relationship” between 
TP and sensitive macroinvertebrate taxa  (Denton et al. 2001).  Right – The appropriate fit to the data showed  
a strong threshold response of the biota (e.g. Stevenson et al. 2008 and references therein) to increasing TP 
pollution, with severe impacts at TP concentrations exceeding ~170 µg TP/L. 

 
In contrast, Figure 16 (left panel) illustrates a failed attempt to assess whether TP 
concentrations had a significant, major impact on sensitive stream macroinvertebrates in a 
nutrient sub-ecoregion. Visually, the data did not fit a line - instead (right panel), the data 
followed a classic threshold response of sensitive biota to low levels of a stressor (e.g., 
Stevenson et al. 2008), wherein most sensitive taxa occurred at relatively low TP 
concentrations (here, < 160 µg TP/L), and the number of sensitive taxa declined dramatically 
above 170 µg TP/L.4 The resource managers inappropriately “forced” a linear analysis on non- 
linear data, and missed a clear biological response threshold. Importantly as well, the resource 
managers had rejected the U.S. EPA’s (2000g) recommended numeric nutrient criterion of 170 
µg TP/L for streams within that nutrient sub-ecoregion. Yet, the actual data for the response of 
sensitive stream macroinvertebrates to increasing TP pollution strongly supported the U.S. 
EPA recommendation. 

 
The second assumption that must be met for appropriate use of SLR in stressor-response 
evaluations is that the data and residual values must be normally distributed (also referred to as 
parametric statistics). A residual is defined as the difference between the mean value 
(modeled as the line in a SLR) and the observed value for each data point (U.S. EPA 2010). A 
normal distribution refers to a dataset for a variable such as TP that, when plotted, has a bell 
shape wherein most of the data occur around the middle (average) of the TP concentration 

 
4 These relatively high numbers (160-170 µg TP/L, reflect the fact that the stream drains a geologically P-rich area. 
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bell shape wherein most of the data occur around the middle (average) of the TP concentration 
range, with symmetrically tapering “tails” of lower and higher TP values to the left and right 
of the middle. Analogously, a bell-shaped curve describes the grades for a hypothetical class 
of students: most students earn a middle (B-, C, or D+) grade – the middle of the curve, 
whereas few students receive a high grade (A to B+) or a low grade (D or lower) within the 
“tails” on either side of the bell. 

 
Many water quality, total taxa, and relative biota abundance data often are not normally 
distributed. If a normal distribution is lacking, the data can be transformed (log 
transformation, arcsine-square root transformation, etc.) to make them normally distributed. 
As a second requirement in addition to data that are normally distributed, the data residuals 
must also be normally distributed; and a third requirement that must be met for use of SLR is 
that the variance across the residuals is constant - that is, the scatter of the residual values 
about a line of the predicted values is constant across the range of residuals. If these 
assumptions are not met, the analyst may mistakenly conclude that the data are strongly, 
linearly related when, in reality, that conclusion is not statistically supported. Departures from 
linearity can also result in underestimating, or even completely discounting, an important 
independent variable that strongly influenced the dependent variable (Robertson et al. 2006). 

 
3a.2. Multiple Regression Analysis (MR) 

As mentioned, SLR targets the average relationship between one stressor and one response 
variable. Resource managers are sometimes interested in describing stressor-response 
relationships at different points in the 
response variable range, such as the 
response of sensitive macroinvertebrate 
metrics at the high end of the TP 
concentration range. Multiple regression 
analysis (MR) extends SLR, with the same 
required assumptions, to provide an 
estimate of the linear relationships between 
a response variable and two or more 
independent variables - that is, each causal 
(explanatory) variable is assumed to act 
independently of effects of the other causal 
variable(s). MR enables modeling of the 
effects of several different stressors on the 
response variable simultaneously – for 
example, the effects of TN, TP, and 
temperature on suspended microalgal chla. 

The example in Figure 17 concerns a lake 
where both TN and TP are statistically 
significant predictors of chla, so that both 
TN and TP criteria should be specified to 
achieve a targeted chla concentration. Here, 
to maintain an average chla concentration 

Figure 17. The relationship between TP, TN, and chla 
in a lake of interest, modeled using MRA. The plotted 
circles indicate combinations of TN and TP values 
observed in the data. Contour lines indicate modeled 
mean chla concentrations (μg/L) associated with 
particular combinations of TN and TP. Modified from an 
example given in U.S. EPA (2010). 
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of 10 µg/L, criteria could be set at 1.6 mg TN/L and a corresponding TP level of 0.035 µg/L 
(U.S. EPA 2010). Following the graph, a lower TN criterion would require a higher TP 
criterion to maintain the same average chla concentration. 

 
For example, in a set of streams and rivers, Biggs (2000) used MR models that combined 
dissolved inorganic N, dissolved inorganic P, and the number of days of accrual to assess 
influences on benthic algal biomass as chla. The models explained ~45% of the variation in 
mean monthly benthic chlorophyll, and ~73% of the variation in maximum benthic chlorophyll 
among sites. In streams with Infrequent floods and long accrual periods (more than 100 days), 
but not in more flood-prone streams, a relatively small increase in dissolved inorganic N and P 
significantly increased the frequency of high benthic algal biomass events. 

Although both TN and TP have been shown to be important in controlling algal/plant growth in 
many aquatic ecosystems (Dodds and Smith 2016, and references therein), over a particular 
range of interest, there can be a stronger relationship between algal/plant growth and one 
nutrient or the other. The more strongly related nutrient is often emphasized in developing 
stressor-response relationships, especially if more data are available for that nutrient. Another 
consideration is that some causal variables, such as TN and TP, tend to be strongly correlated, 
which can confound interpretations about the separate influence of each and can greatly 
increase the uncertainty of model estimates (Kutner et al. 2004). MR is useful in providing 
information about controlling influences of independent causal variables such as temperature, 
light, flow, and grazing activity on biota response across nutrient gradients. 

 
3b.  Useful analyses when the required assumptions of SLR and MR cannot be met 

Importantly, many biota responses to changes in nutrient concentrations are nonlinear. The 
assumptions required for SLR are, in various situations, too restrictive to enable accurate 
modeling of the observed data (U.S. EPA 2010). Other, nonparametric modeling approaches 
should be used when residuals are not normally distributed with constant variance (see p.38 for 
definitions of these terms). The term “nonparametric” refers to statistical techniques that do not 
require the data to follow a normal distribution. Nonparametric tests are sometimes called 
distribution-free tests because they do not assume any specific distribution. They can be 
applied when the major relationship between the stressor and the response is not linear. 

Various statistical methods are available for identifying nonlinear and threshold relationships 
(Dodds et al. 2010). The examples given below are methods that have been used to develop 
numeric nutrient criteria for waters in the Mississippi River basin. Differences in the criteria 
suggested from these examples depend on the groups of waterbodies, the variables considered, 
the extent to which reference or minimally impacted waters were included in the analysis, and 
choices made by the user in running the automated statistical programs. More about statistical 
threshold techniques is given in Appendix 1. 

 
3.b.1. Quantile Regression Analysis (QR), including Additive QR Smoothing (AQRS) 

Quantiles are defined as any set of regularly spaced intervals in a set of data that are ordered 
from the lowest to the highest values (e.g., 10% quantiles in a dataset, or quartiles for 4 intervals 
in a dataset, or 100 intervals [percentiles] in a dataset) (U.S. EPA 2010). QR measures the 
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median condition (50th percentile) of a response variable and estimates multiple rates of change 
of the response variable along a stressor gradient (Cade and Noon 2003, Koenker 2005, Caskey 
et al. 2012) (Figures 18 and 19). It also enables consideration of various quantiles, such as the 
TP concentration protective of 75% [75th percentile] of macroinvertebrate species in a set of 
similar streams. QR estimates are more robust than those of SLR against outliers (extreme 
values) in the response data, and it is better suited to the “wedge-shaped data” that are often 
characteristic of biological responses to nutrient stressors (Bryce et al. 2008). 

 
 

Figure 18. Diagram depicting the advantage of QR over SLR in assessing stressor- 
response relationships for the characteristic “wedge-shaped” data for responding biota. 
MMI - multi-metric index to assess macroinvertebrate community health. From Canton et 
al. (2012). 

 

 

Figure 19. Relationship between TP and (left) chlorophyll a or (right) diel DO change (flux) in Minnesota 
rivers, analyzed using QR. The regression lines were based on both nonwadeable and wadeable   
streams using 50th and 75th percentile QR spline fits (R Development Core Team 2009). The first graph 
indicates that the median TP (50th quantile line) should be < ~150 µg/L (red X) to keep chla < ~25 µg/L; 
the second graph indicates that median TP (50th quantile line) should be < ~80 µg/L (red X) to keep diel 
DO flux < ~3.5 mg/L. Note that in both graphs at highest TP levels, the lines curve downward. This 
decreasing chla at highest TP concentrations suggests that another factor(s) that co-occurred with the 
high TP caused the decline, such as light limitation due to self-shading. The decrease in diel DO flux at 
highest TP levels, similarly, may have resulted from light limitation or other co-occurring factor(s), such 
as elimination of some taxa during night-time DO sags under extremely high TP conditions. From 
Heiskary et al. (2013). 

x 

x 
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In rivers and streams, the relationships between nutrients, algal biomass, and biota at higher 
trophic levels such as fish often appear to be weak, masked by complex interactions. Usually, 
all of the factors that affect the ecological process of interest (e.g, nutrient effects on algal 

 
biomass) are not measured and included in the statistical models used to assess relationships 
among variables (Cade and Noon 2003). This failure to include all of the relevant variables 
occurs because of time or funding constraints, or insufficient knowledge or ability to make the 
necessary measurements. Thus, in one part of the response variable distribution (range), there 
may be only a weak relationship, or no predictive relationship, between the mean of the 
response variable distribution and the measured predictive factors – whereas, in another part of 
the response variable distribution, however, there may be stronger, useful predictive 
relationships with the response variable (Cade and Noon 2003). 

 
The need to understand significant ecological relationships in such complex environmental 
settings has made QR useful in stressor-response studies (Caskey et al. 2012). QR provides a 
way to estimate the quantiles of a response variable distribution that enables a more complete 
view of possible causal relationships between variables. In other words, QR can be used to 
identify nutrient threshold concentrations that protect the designated uses of waterbodies, based 
on analysis of field data for biota that have complex relationships with nutrients depending on 
various physical/chemical conditions (Heiskary et al. 2013). The wedge-shaped data plots 
reflect the limitation of biological attributes (for example, species richness) by nutrients on the 
outer or upper edge of the wedge (Bryce et al. 2008). Inside the wedge, the biological response 
is limited by other, unmeasured environmental factors. Due to the influence of these other 
factors, there is unequal variation in the biological attribute at different nutrient levels. Unequal 
variation implies that there is more than one rate of change describing the relationship between 
a response variable (e.g., suspended algal chlorophyll a) and a predictor (causal) variable (e.g., 
TN or TP). This unequal variation can make field data inappropriate for analysis by SLR or 
related techniques that assume equal variance across the data. 

 
QR estimates multiple rates of change from the minimum to the maximum response, thus 
providing a more complete description of the relationships between variables than other 
regression methods (Cade and Noon 2003). QR can be used when the assumptions required 
for SLR are not applicable. A related statistical technique, AQRS (Figure 20), is similar to 
linear QR, except that instead of fitting a single line to the data, AQRS fits a regression line to 
subsets of the data (e.g, Figures 20 and 21). Thus, AQRS can also be used to identify 
thresholds (breakpoints or changepoints) in addition to fitting the outside of the data wedge. 

As shown by AQRS (Figures 20-22), and as noted above (p. 29), thresholds (breakpoints) in 
response data occur wherein a small change in nutrient concentrations corresponds to a 
relatively large change in the biotic communities. Thus, the thresholds for many of the biota 
responses generally are only slightly higher than the reference concentrations (e.g., Robertson 
et al. 2008). If relationships between nutrient concentrations and biotic integrity are used to 
define criteria, the final nutrient criteria should be selected so as to minimize degradation in the 
biotic integrity of the waterbody (Robertson et al. 2006). 

 
AQRS has sometimes shown stronger predictive stressor-response relationships than other 
available techniques such as nonparametric changepoint analysis (nCPA, below). The 
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“smoothing” (S) refers to smoothing techniques such as weighted scatterplot smoothing 
(LOWESS smooth), a nonparametric tool in regression analysis that creates a smooth line 
through a data plot (U.S. EPA 2010). It is usually used with highly variable (“noisy”) data or 
sparse data, or when weak relationships obscure any line of best fit. Nonparametric smoothing 
techniques can be used to identify the “true signal” hidden in noisy data. Because some type of 
distribution (e.g., normal distribution) is assumed in advance, parametric fitting of lines or 
curves to the data can misrepresent the data. In such cases, nonparametric smoothing would be 
a better approach. 

 
 
 

Figure 20. Example of use of 
additive quantile regression 
smoothing analysis (AQRS) to 
derive a protective numeric TP 
criterion. Here, “response” (Y 
axis) refers to the response of 
sensitive biota to nutrient 
pollution. See Wang et al. 
(2007), Brenden et al. (2008), 
and Stevenson et al. (2008). 

 
 
 
 
 
 
 
 

Figure 21.  Relationship  between 
TP and the  percent  of  sensitive 
fish in central Minnesota  streams, 
as determined using additive QR 
smoothing (AQRS, red line). This 
diagram also shows the typical 
wedge-shaped data to which QR is 
suited. From Heiskary  et  al. 
(2013). As shown in  Figures  21 
and 22, QR applied to biological 
field data can  reveal  more  than 
one breakpoint. From  Heiskary et 
al. (2013). 

 
 
 
 
 

Smoothing techniques such as LOWESS find a curve of best fit to the data without assuming 
any distribution shape. They enable a flexible approach in representing data and are easy to use, 
but they cannot be used to obtain a simple predictive equation for a dataset and may require 
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Figure 22. Relationships between TP and macroinvertebrate metrics for all  Minnesota streams  statewide  
(red line = additive quantile regression with 90% confidence bands, blue line = changepoint analysis with 
90% confidence bands). In  both examples, AQRS indicated a  more protective TP  threshold than 
changepoint analysis. Left, taxa richness: The TP threshold was ~110 µg TP/L using AQRS, whereas 
changepoint analysis indicated a breakpoint at 127 µg TP/L. Right, number of  collector-gatherer  taxa: 
AQRS indicated a TP threshold of ~110 µg TP/L, whereas the changepoint  was  182 µg TP/L.  Modified 
from Heiskary et al. (2013). 

 
 

substantial guesswork on the part of the analyst. The solid red lines in Figures 21 and 22, which 
are lines through data plots that had no apparent pattern, were drawn using LOWESS. Peer- 
reviewed science contains many other examples of LOWESS curve fitting, such as Dodds et 
al.’s (2002) analysis, wherein data for seasonal means of benthic algal biomass (as chlorophyll), 
nutrient concentrations, and other environmental data were collected for nearly 300 sampling 
periods in temperate streams (1st dataset) and from a subset of 620 stations in the USGS 
National Stream Water-Quality Monitoring Networks. In that study, the greatest portion of 
variance in mean and maximum benthic stream algal biomass (~40%) was explained by TN and 
TP concentrations. Statistically significant breakpoints occurred at ~40 µg TN/L and 30 µg 
TP/L, above which mean benthic algal biomass substantially increased. 

 
Automated programs are available for analysis of data using AQRS (e.g., Koenker 2016). This 
powerful tool has several caveats: AQRS requires substantial data - ideally, paired data - to 
work well. For example, the biological data for sensitive species shown in Figures 21 and 22 
should have been collected at a suitable lag period after the TP data were collected - but not 
months or years before or after the TP data were collected. Interpretations may still be limited 
since correlation does not necessarily mean causation; in addition, if N and P concentrations are 
significantly correlated (which is common), their effects cannot be separated. AQRS is 
described here as an example of threshold statistical techniques. Other examples are provided 
in Appendix 1. 
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4. Mechanistic (process-based,  predictive,  or  mathematical)  modeling  is  under- 
utilized because process-based computer models are complex and require (i.e., should only be 
conducted by) specialists with modeling expertise (U.S. EPA 2009a). This approach is 
applicable for more complex aquatic systems such as large rivers, where inadequate empirical 
data are available or somewhat unique confounding factors affect the eutrophication response 
data are available or somewhat unique confounding factors affect the eutrophication response 
(Carleton et al. 2009, Bierman et al. 2013, Flynn et al. 2015). Mechanism-oriented (process- 
based) models allow simultaneous evaluation of multiple response endpoints (e.g., algal data 
are available or somewhat unique confounding factors affect the eutrophication response 

 
(Carleton et al. 2009, Bierman et al. 2013, Flynn et al. 2015). Mechanism-oriented (process- 
based) models allow simultaneous evaluation of multiple response endpoints (e.g., algal 
biomass, DO, pH, supersaturation); they also enable predictions outside of the original 
calibration range, and they can integrate site-specific factors such as point sources, turbidity, 
and season into a unified water quality management framework (Flynn et al. 2015 and 
references therein). These models are used to describe and predict relationships between 
nutrient availability, algal uptake kinetics, light, flow, temperature, and other variables that 
link nutrient concentrations and loads to ecological responses. The monitoring, assessment, 
and modeling work should target the critically important period for nutrient control in 
temperate rivers, usually summer or late summer-early fall, when beneficial uses are most 
threatened by nutrient enrichment and noxious conditions are most common (Flynn et al. 
2015). Data collection, model development, and analysis procedures should be structured to 
meet peer-review requirements so as to help ensure high quality prior to use of the modeling 
results (protective numeric nutrient criteria) by resource managers. 

 
This more complex modeling differs from empirical modeling (see stressor/response approach 
below), a general term referring to any type of (computer) modeling based on actual data 
(empirical) observations alone. Use of both types of models can be helpful in developing 
comprehensive nutrient management for complex waters such as large rivers. The first study 
that used the mechanistic modeling approach to derive numeric nutrient criteria for large U.S. 
rivers was only recently published (Flynn et al. 2015, Suplee et al. 2015). Large rivers were 
defined as perennial waters that are unwadeable in the summer-early fall base flow period, 
with base flow annual discharge of ~40 cubic meters per second (m3/sec, or ~1,413 cubic feet 
per second [cfs]), or base flow depth exceeding 1 meter. Process-based modeling approaches 
emphasized the Yellowstone River and major tributaries. A generalized model-based 
approach was developed that can be adapted for use in other large rivers and, more broadly, in 
other aquatic ecosystems (Figure 23). As a first step, ecological response variables that could 
be easily measured, had distinct thresholds of protection, and were defensible in supporting 
designated uses) were identified for the waterbody of interest (e.g., DO, pH - Bierman et al. 
2013). Second, candidate models were identified and screened for appropriate characteristics 
(see Bierman et al. 2013) - for example, the capacity of a model to treat stratified systems 
differently than well-mixed systems. After tentative selection of models to be applied to the 
Montana rivers, Flynn et al. (2015) conducted field reconnaissance (e.g., dye tracer studies to 
evaluate transport; aerial photos used to assess bankfull channel width and streamside 
vegetation shading) for an entire year prior to their main sampling to assess whether the 
system behavior (e.g., travel time, stratification, mixing) matched the model features. 



49 
 

 
 

 
 

Figure 23. Approach for mechanistic (process) model-based numeric nutrient criteria in large rivers. This 
generalized methodology could be extended to other water bodies (e.g., lakes, reservoirs, estuaries, etc.). From 
Flynn et al. (2015). 

 
Mechanistic models should be constructed (parameterized) with sufficient actual data from the 
system being modeled (but see Section VI). In the Montana rivers study, synoptic river 
surveys were conducted over two 10-day periods during the critical period for nutrient control 
over a 233-kilometer-long (~145-mile-long) river length. Sampling included eight mainstem 
river sites and 12 or more tributaries and irrigation return flows, which were characterized to 
constrain model calibration. Features considered included major inflowing tributaries, water 
withdrawals, wastewater treatment plant discharges, locations where nuisance conditions 
(e.g., algal blooms) could occur, climatic factors, and channel shifts (slope or morphology), 
following Mills et al. (1986) and Barnwell et al. (2004). These features reflected important 
boundary conditions or critical response areas in the model. Mainstem sites were located 
upstream from major tributaries to satisfy model assumptions about complete mixing. At each 
mainstem site, a vertically integrated water sample (including the total depth) was collected at 
11 equidistant points along a transect (note - tributaries were grab-sampled). Benthic and 
suspended algal biomass as chlorophyll a was also sampled at the 11 points. Water chemistry 
measurements included total suspended solids, volatile suspended solids, TN, NOx [nitrate + 
nitrite], total ammonia, TP, soluble reactive phosphorus [SRP], carbonaceous 5-day 
biochemical oxygen demand, alkalinity, carbon-to-nitrogen-to phosphorus ratios, and benthic 
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and suspended algal biomass as chlorophyll a. Diel DO, pH, conductivity, and temperature, 
and flow, meteorology, river productivity, and respiration also were measured. 

 
Numeric nutrient criteria were derived for the eight Montana rivers by simulating nutrient 
additions in the calibrated models to assess the level at which nutrients began to affect 
beneficial uses under low-flow conditions (Suplee et al. 2015). Either N or P was considered 
to be limiting; this model did not address co-limitation. Initial (baseline) nutrient 
concentrations were based on low-flow water quality data, or reference data for streams of 
similar size, or review of minimally impacted large rivers worldwide. Existing point sources 
were removed from the model simulations; otherwise, less impacted areas that were more 
sensitive to nutrient pollution would have been under-emphasized. Incremental increases in 
TN or TP concentration were assessed considering their modeled impact on predefined 
thresholds for each variable (e.g., minimum DO, maximum pH). The first variable exceeding 
a threshold was used to set the numeric nutrient criteria. 

Importantly, for both N and P, the algal response to enrichment was nonlinear: at first, 
incremental increases in the nutrient concentration caused a large change in the algal response, 
before reaching a point where algal response (sensitivity) declined (as in Figure 9 above). 
That inflection point was close to where the numeric criteria were recommended. As would be 
expected given differences in shading, transport, flow etc., the Yellowstone river had different 
sensitivities to nutrients in the upstream versus downstream segments; pH was the most 
sensitive variable in the upstream reach, whereas algal biomass was the most sensitive 
variable in the downstream reach. Mechanistic model-based criteria for the Yellowstone River 
were 55 µg TP/L and 655 µg TN/L in the upstream area (between the Bighorn and Powder 
River confluences), and 95 µg TP/L and 815 µg TN/L in the downstream area (from the 
Powder River confluence to the Montana state line) (Suplee et al. 2015). 

The Montana large rivers modelers noted some data needs for mechanistic models in setting 
numeric nutrient criteria, especially research on algal physiology, and extension of the models 
to enable reliable predictions for higher trophic levels such as fish and macroinvertebrates. 
They also cautioned against applying the results for a single river reach to segments much 
farther downstream that were not modeled. In addition, they recognized the need for 
alternative modeling approaches when considering waterbodies heavily influenced by nutrient 
pollution so that one nutrient is in extremely high abundance, or both N and P co-limit 
algal/plant growth. 

 
5. Multiple Lines of Evidence (MLE; or weight of evidence) – The “hybrid” approach 

includes more than one of the above approaches, with the aim of strengthening support for the 
selected numeric criteria (U.S. EPA 2000c, 2010). It has been used by some states to develop 
numeric nutrient criteria for wadeable streams and rivers in New York (Smith and Tran 2010, 
Smith et al. 2013), rivers in Minnesota (Heiskary et al. 2013, Heiskary and Bouchard 2015), and 
nonwadeable rivers in Wisconsin (Weigel and Robertson 2007). 

A weight-of-evidence approach was used by the state of Wisconsin to develop TP criteria for 
rivers and streams. It was based on a strong dataset analyzed by specialists knowledgeable 
about nutrient-related water quality/impacts in lakes, reservoirs, rivers, and streams, and also 
based on appropriate statistics for analysis of both water chemistry and biota data (Robertson et 
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al. 2006, 2008; Weigel and Robertson 2007). In that study, 34 nonwadeable rivers (41 sites) 
were sampled within U.S. EPA level III nutrient ecoregions VII (Mostly Glaciated Dairy 
Region) and VIII (Nutrient Poor, Largely Glaciated Upper Midwest) (Weigel and Robertson 
2007; also see Appendix 1). An index of biotic integrity (IBI, consisting of ten component 
measures) was computed for fish assemblages, and 12 metrics were used to assess 
macroinvertebrates. The biotic measures ranged from poor to excellent in status. The reference 
(minimally impacted) conditions reported by the U.S. EPA (2000h) for sub-ecoregions in 
ecoregion VII ranged from ~21 to 80 µg TP/L. The reference conditions for sub-ecoregions in 
ecoregion VIII ranged from 6 to 40 µg TP/L (U.S. EPA 2000f). A type of statistical threshold 
analysis, regression tree analysis (Appendix 1), of TP on the suite of biological metrics 
identified an overall breakpoint (threshold) for TP at ~60 µg/L, above which fish and 
macroinvertebrate assemblages were consistently impaired in streams of both ecoregions. 

Thus, the analysis included two approaches, Reference Condition and Stressor-Response 
(using two or more different threshold statistical techniques) including assessment of both fish 
and macroinvertebrates. The thresholds yielded from the Stressor-Response approach were 
within the range of minimally impacted conditions for sub-ecoregions within ecoregion VII, 
although somewhat higher than the range of minimally impacted conditions for sub-ecoregions 
within ecoregion VIII. It should be noted, despite the sound science reflected in the approach, 
that the greatest protection of sensitive biological metrics would have favored use of the lowest 
TP and TN breakpoints in setting numeric criteria. Wisconsin elected to impose moderate 
protection: Based on these and other data, a numeric TP criterion for the state’s nonwadeable 
rivers was set at the midpoint of the TP range, 100 µg/L (Wisconsin Department of Natural 
Resources 2017). 

 
IV.d. Effects-based criteria – “drawing the line” 

 
For effects-based approaches when a clear threshold(s) in a desirable metric is identified by 
statistical analysis, the statistical programs can be used in line-drawing to identify the first 
threshold (e.g., Wang et al. 2007, Brenden et al. 2008). The program typically is modified to 
identify the threshold nutrient concentration that maintains 75% of the desirable metric, which 
can be used as the numeric nutrient criterion not to be exceeded. To be more protective, the 
numeric criterion should be set 5-10% lower than the indicated threshold nutrient concentration 
to include a margin of safety, following Stevenson et al.’s (2008) cautionary guidance (see 
Figure 20). 

In contrast, when the data for a metric of interest gradually change across a nutrient 
concentration range, and/or when a clear, protective threshold in a response metric is lacking, 
then selection of protective numeric nutrient criteria requires a line-drawing procedure 
informed by the desired conditions for the metric (see examples below). As mentioned (see 
Section IV.c, p.33), it is recommended that numeric criteria under such conditions should be 
designed to protect 95% of the desirable metric, following U.S. EPA guidance (Stephan et al. 
1985). 

An illustration of a numeric TP criterion that could be derived from line-drawing is taken from 
Figure 8, wherein a chla inflection point of 21 µg/L between “good-acceptable” and 
“somewhat impaired” conditions for recreation in a group of Wisconsin lakes was indicated 
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from user perceptions. The average spring TP level associated with summer blooms averaging 
chla concentrations of ~20 µg/L was used to set as TP criteria that protected recreation in 
Wisconsin lakes, largely based on this information. Specifically, numeric TP criteria were set 
in various types of Wisconsin lakes so as to ensure that there would be only a 5% chance of a 
nuisance algal bloom with moderate biomass (20 µg chla/L). 

What if the major focus for management is fish, which may be several higher trophic levels 
apart from the primary producers that are key responders to nutrient enrichment at or near the 
base of the food web? Such metrics (fish species richness, fish production, etc.) generally are 
indirectly related to nutrient concentrations, rather than directly related as are algal and plant 
key responders. For example, the designated 
use of a group of waterbodies considered the 
most important by resource managers might 
be maintenance of robust game (sport) fish 
populations. These species are common 
apex predators in reservoir food webs (e.g., 
Jones and Hoyer 1982, Michaletz et al. 
2012). Sportfish abundance is only 
indirectly related to water-column nutrient 
concentrations through food abundance, 
habitat, and other factors. Ney (1996) 
reported a generalized relationship between 
sport fish biomass and TP concentrations in 
reservoirs (Figure 24). This “hump-shaped” 
curve gradually increases to a maximal 
value for sport fish biomass and suggests 
that, while sport fish biomass is not 
directly related to TP concentrations, 
food quality and habitat for sport fish 
decline at higher TP levels due to factors 
more directly related to TP, such as 
noxious algal blooms. Following the U.S. 
EPA recommendation given by Stephan 
et al. (1985), a numeric TP criterion for 
these reservoirs could be set at 70 µg/L. 

 
In a third, somewhat different example, 
Blablil et al. (2017) developed a fish- 
based ecological index (comprised of 
nine metrics including one for cold-water 
trout species) to assess ecological quality 
of another set of reservoirs (Figure 25). 
Here, if resource managers targeted 
restoration or maintenance of “Good” 
ecological conditions, the water-column 
TP concentration in these reservoirs 
would need to be maintained at less than 

Figure 24. Generalized relationship sport fish biomass 
and water-column TP concentrations in some north 
temperate reservoirs. Adapted from Ney (1996). 

 
 

Figure 25. Relationship between a fish-based index of 
ecological quality and water-column TP concentration in 
another group of north temperate reservoirs. The dashed 
black lines are the 95% confidence intervals (linear 
regression: R2 = 0.68, p < 0.001). Modified from Blabolil 
et al. (2017). 
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about 10 µg/L. Note that this approach includes a margin of safety, as the TP maximum 
correspond to a fish-based ecological index of ~0.77 rather than the lowest level for Good 
ecological conditions (0.75). Alternatively, if Moderate fish-based ecological conditions were 
considered by managers as sufficient to protect the designated use of these reservoirs for fish- 
based ecological health, then the TP level could be as high as about 35 µg/L, again including a 
margin of safety to ensure that the index remained within the Moderate range (> 0.50). 

 

V. Other Basic Guidance 
 

V.a. The criteria should be developed from high-quality data,  collected  with  sufficient 
frequency in the appropriate period: The most basic requirement for developing protective 
numeric criteria is a high-quality dataset for TP and TN concentrations. As explained above, 
high-quality dataset is defined as consisting of data less than a decade old, collected by a 
state-certified or otherwise reputable laboratory, and taken with sufficient frequency (at least 
monthly) to enable accurate assessment of the targeted value  ̶  for example, the 25th percentile 
of data for all streams in the area, or the 75th percentile of data for true reference or 
minimally impacted stream conditions (see below). A minimum frequency of monthly data 
collection is recommended to enable accurate assessment of general conditions (e.g., 
Robertson and Roerish 1999, Stansfield 2001). Chla data should have been collected 
consistently at about the same time of day, to reduce the variation caused by differing 
light/temperature regimes in the morning versus the afternoon. Dissolved oxygen data should 
have been collected with appropriately calibrated equipment; caution is warranted because if 
the instrument is not calibrated frequently enough, a layer of bacteria and other microbes 
colonize the equipment and compromise the data, and the data cannot be reliably “back- 
calculated.” 

Accurate assessment of minimally impacted conditions should be limited to the period of 
interest for which the numeric criteria are to be developed, typically the “summer” season or 
the “growing season” when noxious algal blooms mostly occur in response to nutrient. For 
example, May through October may be the growing season for certain crops, but noxious 
cyanobacteria blooms generally occur during the warmest months (June through August), 
and they do not occur or very rarely occur during October in north temperate waters of the 
upper Midwest. The “algal bloom season” should be restricted to the months when the 
blooms actually occur. In addition, assessment of average concentration within the period of 
interest should include baseflow, stormflow, and wetflow conditions (Hollabaugh and Harris 
2004). Quarterly data (which could amount to only one sample per year when the period of 
most interest was a three-month summer season) are widely regarded as insufficient to assess 
mean nutrient concentrations in a particular surface water because they miss many storm 
vents and associated higher nutrient concentrations that would be detected with more 
frequent sampling (e.g., see Harmeson and Barcelona 1981, Stansfield 2001, Hollabaugh and 
Harris 2004). 

The U.S. EPA’s (2000a,b) nutrient ecoregions concept is important regarding data needs 
because the ecoregions cross state lines (Figure 11). If a state has only sparse or dated 
information on waterbodies of interest, data should be used from other states for waters 
within the same ecoregion. For example, if streams in central Iowa were targeted for numeric 
nutrient criteria but data for true minimally impacted conditions were not available, then 
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minimally impacted conditions for streams within the same ecoregion in Minnesota, 
Missouri, or Indiana should be used to develop the numeric criteria. Use of numeric criteria 
developed in nearby Wisconsin can be applied to similar types of waterbodies (e.g., streams) 
with similar land use/soils in Illinois, where agriculture or urbanization (Chicago influence) 
have contaminated waters to such an extent that very few minimally impacted streams 
remain (TetraTech, Inc. 2008). 

 
V.b. Reference or minimally impacted conditions should be used in Approach #1: If true 

reference or minimally impacted conditions are used, the resulting criteria should protect the 
waterbody(s) from further degradation due to nutrient pollution (but see Section VI.b below). 

 
V.c. Effects-based approaches  should  rely  on  protective  statistical  procedures  for  

determining thresholds:  Changepoint analysis has sometimes been shown to be inferior to 
AQRS to identify protective thresholds for sub-acute biological responses to stressors (Wang et 
al. 2007, Brenden et al. 2008; and see Figure 22 above). Changepoint analysis typically yields 
higher threshold nutrient concentrations for adverse effects on sensitive, beneficial biota than 
AQRS. Serial regression analysis can yield much higher nutrient thresholds than either 
changepoint analysis or AQRS because serial regression is confounded if the error terms are 
correlated. For example, in attempting a serial regression of BOD → chla → TP (considered in 
developing the Minnesota eutrophication criteria - see Heiskary et al. 2013), the error terms for 
chla and BOD would be correlated since chla contributes to BOD. 

 
V.d. Numeric criteria should be developed for TN and TP, rather than only for response 

variable(s) such as chla: Focus only on a response variable such as chla for numeric criteria is 
reactive because there is commonly a lag period between TP and TN loads and supplies versus 
maximum phytoplankton response (e.g., Jones and Bachmann 1976, Withers et al. 2014, 
Bertani et al. 2016). Increased nutrient loads may not translate into increased algal biomass 
and other symptoms of nutrient pollution during the same season or the same year, depending 
on weather, flushing rates, light, and other environmental conditions. When these conditions 
become conducive for noxious algal outbreaks (“blooms”), then the higher nutrient supplies 
fuel the algal growth. 

 
V.e. The dominant key responder(s) in the waterbody(s) of interest should be the targeted 

response variable(s) if included in numeric criteria: Suspended microalgal biomass as chla 
concentration is an appropriate response variable for use in many lakes, reservoirs, and larger 
rivers because the suspended microalgae or phytoplankton generally are the key responders in 
the open water (Wetzel 2001). These types of systems generally have a phytoplankton-driven 
food web (Indiana Department of Environmental Management undated, Zhen-Gang 2017). In 
contrast, smaller, fast-flowing streams generally are dominated by benthic algae (periphyton), 
and have a periphyton-driven food web (Indiana Department of Environmental Management 
undated, Zhen-Gang 2017). The benthic algae of smaller streams are the major responders to 
nutrient pollution, and they can provide a much better indication of stream health than the 
relatively sparse suspended microalgae (Welch et al. 1988, 1989). Suspended microalgae tend 
to be sparse in smaller streams because they are continually, rapidly flushed downstream 
before they can even reproduce. They are not an actual phytoplankton community; instead, 
they consist of algal cells that the turbulence has dislodged and suspended, and they came 
from the attached microalgae (Whitton 1975, Greeson 1982, Allan and Castillo 2007). 
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In some lakes, reservoirs, and quiet side-waters of rivers, the dominant key responders may be 
floating filamentous macroalgae, or noxious aquatic weeds (macrophytes). Numeric TN and 
TP criteria for such waters should be developed in such systems to reduce or minimize 
noxious growth of these primary producers. Depending on the waterbody, two key responder 
groups may need to be considered as the major response variables, such as both suspended 
microalgae and benthic filamentous algae in shallow waterbodies. Some lakes, for example, 
have developed noxious phytoplankton blooms and/or noxious benthic filamentous algal 
blooms in response to nutrient pollution, depending on the year and the climatic conditions 
(Lapointe et al. 2018). 

 
V.f. Arithmetic means  should  be  used  to  set  numeric  nutrient  criteria,  rather  than 

geometric means or medians - Geometric means of a small  number  of samples  do  not 
reliably estimate average water quality conditions. A small number of samples (five or fewer) 
results in very large uncertainty in attempting to estimate the true mean (Sokal and Rolff 
2012). Both the geometric mean and the median are less sensitive to outliers than the 
arithmetic mean (Sokel and Rolff 2012). As Parkhurst (1998) wrote, 

Concentrations of chemical substances and microorganisms are often averaged for 
scientific and regulatory purposes. Geometric means are sometimes used for these 
purposes, but they are biased low and do not represent components of mass 
balances properly. They should be abandoned in favor of arithmetic means, unless 
they are clearly shown to be preferable for specific applications. Arithmetic means 
are unbiased, easier to calculate and understand, scientifically more meaningful (at 
least for concentration data), and more protective of public health. 

Geometric means are commonly used for assessment of fecal bacteria conditions because 
densities of fecal bacteria can vary by 100,000-fold, and geometric means depress the 
extreme variance. Nutrient concentrations vary by much less. The bias inherent in geometric 
means, that is, consistent underestimate of the true mean, is a serious problem in efforts to 
protect water quality. The geometric mean is always smaller than the arithmetic mean unless 
all numbers in the dataset are identical; then the geometric mean and the mean will be equal. 
Parkhurst (1998, p.98A) noted that “If geometric means are used with small datasets [N < 5], 
they should always [emphasis added] be bias-corrected.” 

 
V.g. Compliance should be based on independent consideration of TN, TP, and  response  

variables: Silva (2010) wrote, “It is U.S. EPA’s current position that exceedance of a causal 
water quality criterion, such as N or P, would require a determination of non-attainment 
regardless of whether the water is meeting a different water quality criterion, such as 
chlorophyll-a or other biological response criteria.” Thus, TP, TN, chla, and other numeric 
criteria should each “stand alone” to protect waterbodies from nutrient pollution-related 
degradation. That is, if any one of the causal/response variables is exceeded, then the waterbody 
should be characterized as in violation of the numeric criteria. 

Independent consideration of multiple criteria is necessary because nutrient pollution can 
detrimentally affect beneficial aquatic life through means other than increased algal growth. 
Eutrophication is defined as an increase in the rate of organic production in an aquatic 
ecosystem (see Burkholder and Glibert 2013, and references therein). As explained in Section 
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III.b.1, increased organic production in response to nutrient over-enrichment can be contributed 
by various primary producer groups, such as certain aquatic vascular plants, floating 
macroalgae, or benthic algae, rather than the suspended microalgae that are the only organisms 
included in the chla indicator. 

 
V.h.  Sampling  locations  should  be  selected  carefully   for   assessment   of  compliance: 

Smaller streams typically are sampled in the channel midpoint where streambank influences are 
minimal but also where flow and potential dilution are greatest. Larger rivers require more 
thought in determining the best locations to sample, because noxious algal blooms develop and 
accumulate along the sides (“side-channel”) rather than in the middle of the channel. For 
characterizing the water quality of larger rivers, side-channel data should be taken for nutrients 
as well as for response variables such as chla, since side-channel locations are where noxious 
blooms usually develop. The locations where measurements are to be taken in a lake or 
reservoir also should be specified. Otherwise, a waterbody could mistakenly receive site- 
specific or modified criteria based on measurements in the most nutrient-degraded area as 
“average” conditions applied to the entire waterbody. 

 
VI. Doing It Wrong: Non-protective Actions in Developing Numeric Nutrient Criteria 

Some common non-science-based actions that have been used to design weaker numeric 
nutrient criteria than warranted are summarized below. These actions should be avoided: 

 
VI.a. Setting numeric criteria reactively, that is, when pollution-tolerant species 

predominate and pollution-sensitive species are rare or gone  (i.e.,  eliminated  from  the 
system) - Several examples given above in Section IV-3.b.2 reflected this problem. 
Sophisticated statistical techniques such as AQRS should not be applied in an attempt to 
determine “protective thresholds” in waters that have been polluted because the analysis will 
only reveal threshold nutrient concentrations that, finally, adversely impact even the 
remaining tolerant species. Analyses should be scrutinized to ensure that threshold analysis 
emphasizes sensitive taxa rather than pollution-tolerant taxa. The latter approach would 
actually eliminate sensitive biotas that are valued ecosystem components (also see VI.d 
below). 

 
VI.b. Failure to use minimally impacted conditions  -  The meaning of “minimally 

impacted” may seem obvious, but this important concept sometimes has been irrationally 
defined. For example, a state that lies partly within a heavily agricultural region formally 
defined minimally impacted conditions as streams that were not affected by point sources of 
nutrient pollution (McCollor and Heiskary 1993). Major nonpoint pollution from agriculture 
was not considered(!), so that streams which drained mostly agricultural watersheds but did 
not have impacts from sewage treatment plants were wrongly evaluated as “minimally 
impacted.” Actual minimally impacted streams, without influence from both point and 
nonpoint sources, had much lower TP and TN concentrations than the agricultural nonpoint 
pollution-impaired streams that were formally defined as minimally impacted. Numeric 
criteria were developed based, in part, on highly polluted conditions as minimally impacted. 
Use of compromised minimally impacted conditions will wrongly skew the analysis toward 
poorer water quality as “acceptable” in supporting pollution-tolerant biota, while also not 
protecting the biota of higher-quality waters in the area. In addition, threshold conditions 
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cannot be accurately identified because the higher-quality waters will mostly be missing from 
comparison. 

As a related error, in some cases numeric nutrient criteria have been developed for 
waterbodies within highly urbanized or dense agricultural areas, using the 25th percentile of 
all-streams data. The U.S. EPA (2000a-c) cautioned that in such highly compromised 
watersheds, a much lower percentile of data should be used in order to develop protective 
criteria, such as the 5th or 15th percentile of all-streams data. 

 
VI.c. Rejection of data from  true  minimally  impacted  or  reference  waters  in  the  same 

nutrient  ecoregion  of  an  adjacent  state  to  set  numeric  nutrient  criteria,  when  such  waters  are 
no longer available in  the  state  of  interest  -  As clearly shown in Figures 11, 13, and 14, 
nutrient ecoregions and sub-ecoregions do not “stop” at state lines. Protective numeric criteria 
can be set for surface waters in highly compromised areas (e.g., characterized by dense 
agriculture or high urbanization) by basing the criteria on minimally impacted or reference 
waters available in a nearby state. A state which lacks reference waters, yet relies only on data 
from that state, would be rejecting valid data and actually using invalid data – from waters 
already polluted well beyond minimally impacted conditions – to set standards. 

 
VI.d. Use of a “novel” (made up!) procedure that defeats the purpose of the accepted 

statistical technique upon which the concocted procedure was based - Analyses should be 
examined to ensure that the statistical procedure being used, such as AQRS, is actually 
followed and the identified thresholds are used, rather than “suddenly adding” a new, non- 
protective step(s). 

For example, the same state that mistakenly considered streams draining high-density 
agricultural watersheds as “minimally impacted” (Section VI-b above) also used AQRS in a 
hybrid approach to set numeric nutrient criteria (Heiskary et al. 2013). AQRS required 
selection of lambda (λ) values, which determine the amount of smoothing applied to the line 
drawn through the wedge-shaped biological data. The λ values were selected/adjusted based on 
how well the line (model) appeared to fit the outside curve and identified breakpoints. A 
statistical test (F test) was then used to assess goodness of fit of the data to the model. If the 
data was statistically significant at the first (most protective) breakpoint - that is, if the data fit 
the line well in that area - then the first breakpoint was used as the threshold TP concentration 
for the biological metric being analyzed. But if not, the much higher TP concentration halfway 
between the first and second actual thresholds indicated by the AQRS was used as the 
“threshold concentration” for setting the numeric criterion. 

This procedure, newly conceived by the agency, was given the statistically authentic-sounding 
name, “midpoint interpolation” and was added at the end of the AQRS analysis. The name 
helped to camouflage the fact that clear, first breakpoints protective of sensitive taxa were 
ignored in favor of much less protective, higher TP concentration as an artificial “threshold” 
that was not indicated by the AQRS technique. Instead, AQRS indicated that the TP 
concentration used by the agency was at a much higher TP concentration along the TP 
gradient where the biological metric was rapidly declining. Here is why: As is the present 
reality for many U.S. surface waters, few waterbodies in the study had high taxa richness 
inclusive of sensitive taxa. Most sensitive taxa had been extirpated. Thus, there were few 
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waterbodies that included sensitive taxa. The regression line tended to fit most of the data, 
which were from the most waterbodies which no longer had sensitive species, and only 
roughly fit the sparse datapoints for the more pristine waters. Rather than using the first, 
protective threshold revealed by AQRS, the agency “slid halfway down the slope” between 
the first and second TP breakpoints and used that concentration as an artificial “threshold” 
(which was not an actual threshold) for the response of that biological metric to increasing TP 
concentration. 

 
Figure 26 shows the same data as in Figure 22, but with added “midpoint interpolation” 
(indicated by Xs). For taxa richness, the “artificial threshold” TP concentration from 
“midpoint interpolation” was the same as the concentration indicated using changepoint 
analysis, 127 µg/L - but the first threshold concentration actually indicated by AQRS was 
~110 µg/L. The alteration of AQRS by addition of “midpoint interpolation” was more serious 
for the second biological metric shown in Figure 26. AQRS again indicated a protective first 
threshold concentration of ~110 µg/L; changepoint analysis indicated a higher breakpoint at 
182 µg TP/L; and the artificial “midpoint threshold” was more than 230 µg TP/L. 

 

Figure 26. The same data shown in Figure 22, but with added “midpoint interpolations;” the artificial 
midpoint “thresholds” are indicated by an x. In both panels, the first protective threshold revealed by 
AQRS is at ~110 µg TP/L, and the artificial midpoint “threshold” is at a substantially higher TP level. Left 
panel: the artificial midpoint “threshold” is at the same TP concentration as the breakpoint from change- 
point analysis. Right panel: the artificial midpoint “threshold” is more than twice as high as the first 
protective TP threshold indicated by AQRS, and also substantially higher than the breakpoint from 
changepoint analysis. Thus, use of “midpoint interpolation” would eliminate protection of the higher-quality 
biological metrics characteristic of minimally impacted waters. Data from Heiskary et al. (2013; also see 
Heiskary and Bouchard 2015). 

 
The agency maintained that it had used an advanced hybrid approach (minimally impacted 

conditions, changepoint analysis, and AQRS) which strongly supported the numeric criteria 
that were selected. Note, however, that at least two of the three analyses - use of waters that 
had been seriously compromised by agricultural pollution as “minimally impacted,” and 
ignoring the first TP thresholds revealed by AQRS in favor of much higher midpoint artificial 
“thresholds” - had the overall effect of selecting for non-protective numeric TP criteria. 
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VI.e. Use of a response variable such as phytoplankton or benthic algal chlorophyll a as a 
“surrogate” for numeric TN and TP criteria - Some states have mistakenly described 
chlorophyll a as a surrogate for numeric TN and TP criteria, but chlorophyll a is not a reliable 
surrogate: TN and TP are strongly related to some water quality conditions that are not 
related, or only weakly related, to chlorophyll a, such as disinfectant byproduct (DBP) 
precursors (Veum 2006). 

Chla has also been mistakenly described as effectively “integrating” the impacts of TN and 
TP [Missouri Department of Natural Resources 2016]. Other factors additionally influence 
algal biomass, such as temperature, light, and water motion (Whitton 1975, Wetzel 2001). 
Thus, chla is not a reliable integrator of TN and TP alone because other factors can confound 
the relationship between TN or TP and chla, so that algal response is temporarily depressed. 
That is why it is important to develop numeric criteria for the causal variables, TN and TP, 
themselves. 

 
VI.f. Constructing  a  model  to  predict  numeric  criteria  for  nutrients  and  response   

variable(s), based on little or no actual data from the waterbody(s) of interest -  There is an old 
saying in the modeling arena, “A model is only as good as the data used to build it.” Yet, it 
has been common for models used to develop numeric eutrophication criteria to be based on 
few or no data for key parameters. The resulting model is unreliable at predicting nutrient or 
response variables. 

A recent example is the modified, site-specific DO criterion for the Escatawpa River in 
Mississippi (Burkholder 2011, 2013). The sophisticated Environmental Fluid Dynamics Code/ 
Water Quality Analysis Simulation Program (EFDC/WASP) model was selected for use. The 
modelers unfortunately ignored the fact that the EFDC/WASP model requires substantial data 
from the system being modeled in order to make reliable predictions. Data were not available 
from the Escatawpa for nearly all of the ~28 parameters needed, so guesstimates for them were 
“plugged in” from other waterbodies, sometimes from waters with very different pollution 
histories in different regions, and with little or no justification. Values used for a key parameter 
that greatly influenced the model predictions, sediment oxygen demand (SOD), were selected 
based on sparse, inadequate samples taken during a season when SOD would have been low 
rather than elevated (Hatcher 1986). In the calibration/validation process, model predictions 
should be compared to actual, measured water quality data, but few or no data were available 
for the needed parameters – even key parameters such as DO. As a result, the model failed at 
reliably predicting DO concentrations. Analogously, if this was a game of darts, the model 
usually failed to place the darts on the board (Burkholder 2011). 

Modeling requires specialized expertise, but interpreting model quality requires only sound, 
science-based logic. The key to model assessment lies in determining the underlying 
assumptions used to build the model, the validity of those assumptions, and the quality of the 
data used to construct it. The information provided about a model often includes a list of key 
assumptions, but it becomes the task of the reviewer to assess whether some key 
assumption(s) was not mentioned. Commonly, a major assumption omitted from the list is 
that extremely sparse data, or no data, from the system being modeled was “adequate,” or 
that parameters such as algal productivity, taken from the mid-ocean (which unfortunately 
been done), were “sufficiently accurate” to construct a model of a turbid river. 
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VI.g. Use of erroneous assumptions  and  other  non-science-based  rationale  -  Various 
modeling approaches that have been used to develop numeric criteria for nutrients and/or 
response variables have not been science-based. Again, the quality of the data and the 
underlying assumptions can easily reveal whether the model is valid. In the effort to alter the 
DO criterion for the Escatawpa River in the above example, there was no certainty that the 
species considered in the model even occurred in the river; one low-oxygen-tolerant species 
was used to “represent” all of the fish species; growth of a coldwater invertebrate that does not 
occur in the entire warm temperate region which includes the Escatawpa was used to 
“represent” growth of all invertebrates in the river; and summer-spawning species were 
“forced” in the model to spawn during colder seasons when oxygen is plentiful, which allowed 
a false prediction of negligible impact from the modified, much lower DO criterion on aquatic 
life in the river (Burkholder 2011, 2013). The analysis violated U.S. EPA guidelines for data 
requirements (Stephan et al. 1985), and also violated well-established science principles. Such 
models, using inadequate data and non-science-based approaches, should be avoided in 
developing numeric criteria. 

In that model as well, average “natural surface background” DO conditions were wrongly 
decreased by including low DO data from depths greater than five feet, which was supposed 
to have been the lowest depth considered for surface conditions according to the state 
regulations. The lower DO from deeper waters was then wrongly modeled as the “surface” 
condition. More than 80% of the actual data exceeded 3 mg/L but, as a result of these and 
other “sleight of hand” actions described above, the model predicted that the “natural” 
condition of the Escatawpa River was 3 mg/L. The criterion that was eventually adopted, 3.7 
mg/L (average daily, May through October), was modified from 5 mg/L and much lower 
than it should have been to protect the designated use of the Escatawpa River for aquatic life. 

 

VII. Summary 
 

This white paper explains the scientific background of nutrient pollution impacts on 
freshwaters, and the pressing need for numeric TP and TN criteria to protect their designated 
uses. Five approaches suggested by the U.S. EPA for use in developing numeric nutrient 
criteria are described and illustrated using examples. These approaches fall within two major 
lines of reasoning: The first line of reasoning seeks to set criteria based on what was the 
natural, pre-development or minimally impacted levels of nutrients. The second line of 
reasoning sets criteria based on studies of how nutrient pollution harms the designated uses of 
waterbodies (e.g., aquatic life support, fishing, swimming, drinking source-water, etc.). 

 
The approach selected largely must depend on the data available for the waterbody(s) of 
interest (Dodds and Welch 2000). The dataset size/frequency recommended to develop 
numeric nutrient criteria for each of the various approaches should be compared to the data in 
hand for the system(s) to assess whether the data are sufficient for use with an approach being 
considered. If sufficient water quality (TN, TP, chlorophyll a) data are available for 
waterbody(s) of interest (e.g., data collected at least monthly during the summer growing 
season, over the past 5-10 years, for nutrients and chlorophyll), then numeric nutrient criteria 
should be developed based on localized conditions following accepted science-based 
procedures (Dodds and Welch 2000). This basically describes U.S. EPA’s reference condition 
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(minimally impacted) approach, using nutrient sub-ecoregions rather than the much larger 
nutrient ecoregions, or using a river basin as in Suplee et al. (2015). 

If a strong dataset is available for sensitive macroinvertebrate and fish biota, then stressor- 
response relationships and thresholds should be developed as well, using AQRS or other 
suitable statistical technique supported by peer-reviewed literature. It is recommended that if 
possible, multiple approaches should be applied as an internal check (e.g., Wagenhoff et al. 
2012; and see Appendix 1). Where clear thresholds for identifying protective criteria are not 
evident, and/or the metric changes gradually as nutrient pollution increases, then selection of 
protective numeric nutrient criteria requires a line-drawing procedure informed by the desired 
conditions for the metric, as adopted by the U.S. EPA in setting other protective numeric 
criteria (Stephan et al. 1985). 

The numeric criteria indicated by each of the five described approaches likely will vary 
depending on the approach and the biological metric(s) used. Considering the uncertainty 
inherent in understanding the complex relationships between nutrients and various response 
variables, the lower, more protective nutrient criteria indicated by the two analyses should be 
used (e.g., Dodds et al. 2010). 
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Appendix 1 – More about statistics used to assess stressor-response relationships 
 

This paper has greatly simplified the approaches that have been used to test for non-linearity 
and thresholds in stressor-response relationships (as examples, see Dodds et al. 2010, 
Wagenhoff et al. 2012). Diverse methods are available for finding thresholds and 
characterizing nonlinearity between a driver (e.g., TP or TN) gradient and a variable describing 
the ecological state (e.g., sensitive macroinvertebrate species). Dodds et al. (2010) and 
Wagenhoff et al. (2012) reviewed some techniques (e.g, Table A1), several of which were 
included in Section IV. A brief description of several other statistical methods follows. 

 
The various techniques described here and in Section IV are available in automated computer 
programs. Because these programs involve various user choices, the user should be 
experienced in statistical threshold analysis so that appropriate precautions can be taken and 
pitfalls can be avoided (e.g., Daily et al. 2012). For thresholds to be meaningful, statistical 
understanding is required both to apply an appropriate model and to meet the assumptions of 
the statistical test (Wagenhoff et al. 2012). As another caution, univariate ecological variables 
that are often used in monitoring, such as total macroinvertebrate taxa richness or EPT 
(ephemeropteran, plecopteran, and trichopteran macroinvertebrate taxa richness) can 
sometimes over-simplify complex systems with many species and can minimize or “hide” 
ecological thresholds that actually exist. Thus, use of multiple individual species responses 
may also be needed to detect ecological thresholds in some waterbodies (Wagenhoff et al. 
2012). 

 
The old adage, “Absence of evidence does not mean evidence of absence” also applies here: 
The absence of conspicuous breakpoints in stressor-response relationships should not be taken 
as “proof” of the absence of ecological thresholds in response to a nutrient stressor, because a 
focused “point” for ecological response is only one potential indicator of ecosystem state 
(Wagenhoff et al. 2012). Critical nutrient concentrations or thresholds of harm can also be 
based on concerns about community changes or loss of ecosystem functions (Cormier et al. 
2008, Young et al. 2008), and can be quantified using a benchmark approach (Wagenhoff et al. 
2012; below). 

 
A. Definitions 

 
Additive Quantile Regression Analysis with Smoothing (AQRS) – similar to linear QR, 

except that instead of fitting a single line to the data, AQRS fits a regression line to 
subsets of the data. AQRS can be used to identify thresholds in addition to fitting the 
outside of wedge-shaped data (below). AQRS is a powerful tool but requires substantial 
data to work well. Interpretations may still be limited since correlation does not 
necessarily mean causation; and if N and P concentrations are significantly correlated 
(which is common), their effects cannot be separated. Automated programs are available 
for data analysis using AQRS. 

Benchmark approach - a non-statistical method for detecting an ecological threshold 
(Wagenhoff et al. 2012), which can be used to define thresholds of harm (Cormier et al. 
2008). The threshold can be based on knowledge of a quantifiable cause-effect relationship 
between a nutrient stressor and a response variable with stakeholder value, such as the 
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abundance of a key species for recreational fishers. The benchmark approach sets a 
threshold at the stressor value where there is an expected deviation in an ecological 
response from a maximum expected or reference value. 

 
Bivariate data - data for each of two variables, where each value of one variable is paired with 

a value of the other variable. 

Breakpoint – the place (point) where one functional relationship between a driver and a 
response variable changes to another; often used interchangeably with threshold or 
changepoint (e.g., Daily et al. 2012). 

Changepoint analysis – a statistical tool used to identify homogeneity within a dataset; or, the 
process of detecting distributional changes within observations. May be performed as a 
parametric analysis if assuming that the data follow a known distribution (Chen and Gupta 
2012), or as a nonparametric analysis without that assumption; the latter is more typical of 
analyses applied to aquatic systems affected by nutrient pollution. 

Derivative - of a function y = f(x) of variable x is a measure of the rate at which the value y of 
the function changes as variable x changes. 

Driver – an abiotic or biotic change over time or space that influences the ecosystem structure 
or function (Dodds et al. 2010). 

Linear relationship – a linear relationship with direct proportionality such that, when plotted, 
the data indicate straight line. A given change in an independent variable will always 
produce a corresponding change in the dependent variable. 

Locally weighted scatterplot smoothing (LOESS, LOWESS smooth, locally weighted 
smoothing or locally weighted scatterplot smoothing) – a nonparametric tool in regression 
analysis that creates a smooth line through a data plot (U.S. EPA 2010). It is usually used 
with messy (highly variable or “noisy”) data or sparse data, or when weak relationships 
obscure any line of best fit. Smoothing techniques such as LOESS find a curve of best fit 
to the data without assuming a priori a distribution shape. 

Nonlinear relationship – type of relationship between two variables wherein a change in one 
variable will not correspond with a constant change in the other variable. The graph of a 
nonlinear relationship will be a curve, or a set of curves, or a set of two or more straight 
lines, but it will not be one straight line. 

Nonparametric – refers to statistical techniques that do not require the data to follow a normal 
or other distribution; nonparametric statistical tests do not assume any specific distribution. 
These tests can be applied when the major relationship between the stressor and the 
response is not linear. 

Nonparametric Changepoint Analysis (nCPA) – changepoint analysis conducted without the 
assumption that the data follow a known distribution. Unlike another common, closely 
related threshold technique (two-dimensional Kolmogorov-Smirnov test, 2DKS; Garvey et 
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al. 1998), nCPA allows calculation of an uncertainty estimate around the threshold value 
(Evans-White et al. 2009). 

Normal distribution – a relationship between two variables that can be described as a 
symmetrical bell-shaped curve, wherein most of the data occur around the middle of the 
variable range, with symmetrically tapering “tails” of lower and higher values to the left 
and right of the middle. 

Parametric – assumes some type of distribution to the data, usually a normal distribution. 

Polynomial regression – fits a nonlinear relationship between the value of x (dependent 
variable) and the corresponding conditional mean of y (independent variable; the 
conditional mean is the expected value of y). A polynomial trend line is a curved line. 

Quantile Regression Analysis (QR) – Can be used to identify nutrient threshold concentrations 
that protect the designated uses of waterbodies. QR is appropriate for use with a dataset 
when the assumptions for SLR are not applicable (cannot be met). 

Residual – the difference between the measured value of the dependent (response) variable and 
the predicted value in a regression model (see Figure A1). That is, residual = the observed 
value minus the predicted (estimated) value; the residuals are the vertical distances between 
the points of the dataset and the fitted line. Each data point has one residual. The residuals 
show whether a mathematical function, such as a line in a linear regression, accurately 
represents a dataset. 

 
 

 

Figure A1.  Example of a residual plot for chlorophyll a. The estimated or predicted values are  the values  
that fall on the line. If the points are randomly dispersed around the  horizontal axis, a  linear  regression 
model is appropriate for the data. Otherwise, a non-linear model should be used. 

 

Simple linear regression (SLR) – a two-dimensional, linear regression model with one 
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independent variable (x, such as the causal variable TP) and one dependent variable (y, 
such as the response variable chlorophyll a). The linear function (non-vertical straight 
line) accurately predicts the dependent variable values as a function of the independent 
variable values. The adjective “simple” reflects the fact that the dependent (outcome) 
variable is related to a single predictor variable. 

Standard deviation (σ or s) – a measure used to quantify the amount of variation or dispersion 
in a dataset. It is equal to the square root of the variance. 

Stressor - an environmental driver that exceeds its normal range of variation due to human 
activity, and adversely affects ecosystem structure or function (Wagenhoff et al. 2012). 

Stressor-response (driver-state) - the causal relationship between stressor (here, TN and/or 
TP) and response variables (U.S. EPA 2000a,b; Wagenhoff et al. 2012). 

Threshold – The point at which there is an abrupt change in an ecological quality, property, 
or phenomenon, or where small changes in a stressor (driver) can produce large responses 
in the ecosystem (Groffman et al. 2006 in Dodds et al. 2010). 

Wedge-shaped data (Figure A2) – refers to plots of field 
data for biota which show unequal variation at 
different nutrient levels. A biological attribute of 
interest (e.g., fish species richness) may be limited by 
nutrients on the outer or upper edge of the wedge, 
whereas inside the wedge, the biological attribute is 
limited by other environmental factor(s). This 
unequal variation of the biota response at different 
nutrient levels can make field data inappropriate for 
analysis by simple linear regression (SLR) or related 
techniques that assume equal variance across the data. 

Variance – the average of the squared differences 

Figure A2. The general “wedge-shaped” 
outline of data for a given biological 
metric within the gray area 

(considering each data point) from the mean. To calculate the variance, compute the 
difference between each data point and the mean; square each difference; add these 
values together; and then divide by the number of data points. 

 
 

B. Statistical methods Used to Identify Nonlinear and Threshold Relationships 
 

Breakpoint regression analysis (segmented or piecewise or “broken-stick” regression) is 
suitable for datasets which, when graphed after fitting a scatterplot smoother (e.g., a 
polynomial regression LOESS function) to the data to estimate the number of potential 
breakpoints (Wagenhoff et al. 2012) (Table A1). The data plot should reveal at least two 
clearly different linear relationships with a sudden sharp change in direction or slope at each. 
The boundaries between the segments are referred to as breakpoints. If a breakpoint is 
detected, the residuals from the fitted smooth function should be checked to verify that the 
assumption of constant error variance is met; if not, appropriate data transformation can 
sometimes be used to meet the assumption (Wagenhoff et al. 2012). Alternatively, data with 

“wedge-shaped” data 
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Table A1. Some statistical methods used to identify nonlinear and threshold relationships. Modified 
from Dodds et al. (2010). 

 
non-normal distribution can be analyzed using generalized linear models if an appropriate error 
structure can be discerned (Toms and Lesperance 2003, Qian and Cuffney 2012). The 
statistical significance of the identified breakpoint can then be tested using various methods 
(see Wagenhoff et al. 2012). 

 
Breakpoint analysis was used by Dodds et al. (2010) to identify a breakpoint in a relationship 
between TP and macroinvertebrate species richness in Central Plains streams (Figure A3). As 
another example, Black et al. (2011) identified breakpoints in responses of benthic algal and 
macroinvertebrate metrics along nutrient gradients, based on streams in the western U.S. 
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Figure A3. Example of breakpoint 
regression analysis of (upper 
graph) macroinvertebrate 
consumer species richness and 
(lower graph) predator species 
richness as a function of water- 
column TP concentration. This 
dataset is from 237 U.S. Central 
Plains stream sites (KS, NE, MO) 
in spring and autumn (Evans- 
White et al. 2009, in Dodds et al. 
2010). 

 
 
 
 
 

Cumulative frequency distributions are used to determine the number of observations that are 
above (or below) a particular value in a dataset. The cumulative frequency is calculated by 
adding each frequency from a frequency distribution table to the sum of its predecessors, such 
as in the examples in Table A2 and Figure A4. 

 
 

Table A2. Generic example of a cumulative frequency distribution 
(type = data grouping for this hypothetical example). 

 

 
 

Figure A4. Cumulative frequency distribution for mean benthic algal chlorophyll from a 
literature dataset on temperate streams, compiled by Dodds et al. (2002). 
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CFD analysis requires a fairly large sample size and a broad range of stressor values 
(Wagenhoff et al. 2012). CFDs have been used to detect thresholds for responses of multiple 
taxa to stressors s (Utz et al. 2009). The technique compares observed versus expected CFD 
curves of negatively responding taxa across a stressor gradient to identify a lower limit for 
detection of an adverse effect (called the initiation-of-impact threshold) and an upper limit 
beyond which a taxon ceases to occur (extirpation threshold). The lower and upper limits were 
defined by Utz et al. (2009) at the points where the observed cumulative frequency of a single 
taxon deviates by > 1% and > 95%, respectively, from the expected cumulative frequency. 
Such limits can be modified as appropriate to suite the level of uncertainty (Wagenhoff et al. 
2012). 

 
As an illustration of the application of CFDs, the trophic classification scheme for streams and 
rivers that was developed by Dodds et al. (1998), based on suspended microalgal and benthic 
algal chlorophyll a (Table 2), was based on a CFD of the data. Three trophic state categories 
were developed based on the lower, middle, and upper thirds of the data distributions, and were 
assigned to oligotrophic, mesotrophic, and eutrophic categories, respectively. As a related 
example, the U.S. EPA (2000b) described how a CFD of sites by nutrient concentrations could 
be divided into three segments representing the stream quality categories of reference, 
acceptable (fair), and impaired. The U.S. EPA (2000b) recommended that a sample size of 30 
waterbodies within a given class is needed for developing numeric nutrient criteria, as smaller 
sample sizes may be much more affected by extreme values in the dataset. 

 
3b.2. Nonparametric Changepoint Analysis (nCPA, or nonparametric deviance reduction) 

 

This technique, which is based on regression tree analysis (Breiman et al. 1984), can be used to 
estimate the position of a threshold (changepoint or breakpoint) in a univariate response 
variable affected by a stressor.  The change in the response variable can be considered as a 
shift in the mean, variance, or rate of change. A form of nCPA known as the deviance 
reduction method is commonly used, which sorts observatons along a stressor gradient and 
identifies the response variable concentration where the deviance is minimized (Qian et al. 
2003). Thus, when scatter plots visually suggest that a threshold or sudden change exists in the 
relationship between a stressor and a response, changepoint analysis can be used to identify the 
causal variable concentration (e.g., TN or TP) at which the change occurs (Qian et al. 2003). In 
nCPA, observations are first ordered along the stressor gradient and the point is identified 
where the response variable “splits” into two groups based on the greatest difference in a 
statistical attribute such as the mean. The changepoint is defined as the point that maximizes 
this difference. 

A limitation of changepoint analysis is that “nCPA will identify a change point regardless of 
whether or not one truly exists” [emphasis added] (U.S. EPA 2010, p.54). That is, nCPA does 
not require an actual threshold value for the response variable. For that reason, additional 
analyses are required after estimating a changepoint to determine whether the selected value is, 
in fact, protective of the designated uses. Because changepoint analysis artificially “forces” a 
threshold (breakpoint) on data where an actual threshold may not even exist, it is considered 
here as inferior to threshold analysis using additive quantile regression (below). It is also 
regarded as inferior because when two groupings in the data are not apparent, the forced 
“artificial” breakpoint (where an actual breakpoint does not exist) is usually at a substantially 
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higher nutrient concentration than indicated from additive quantile regression. Several 
examples follow: 

This analysis was among the techniques used by the state of Minnesota in setting 
eutrophication criteria for streams and rivers (Heiskary et al. 2013 - examples below). It 
generally yielded higher thresholds (changepoints) for TN and TP than additive QR. Moreover, 
for some stressor-response comparisions, there were broad confidence bands (indicating high 
uncertainty) around the changepoint (e.g., Figures A5 and A6). In various stressor-response 
comparisons, it was difficult to discern a changepoint “between” two groupings of the data. 
Moreover, an important point evident from the analysis was not considered: In the heavily 
disturbed Corn Belt area of southern Minnesota (South River Nutrient Ecoregion of the 
Minnesota Pollution Control Agency), nCPA indicated the same TP changepoint for both the 
percentage of tolerant macroinvertebrate taxa and the percentage of remaining “pollution- 
intolerant” taxa. This finding suggests that the relatively few remaining “intolerant” taxa 
actually were pollution-tolerant, and the pollution-sensitive (“pollution-intolerant”) taxa had 
been eliminated (Figure A7; note the differences in the two Y axes). Based on this observation, 
changepoint analysis should not have been applied to the data because it was applied too late, 
after the streams and rivers in this major agricultural area had been seriously compromised  
and sensitive taxa had disappeared. 

 

 

Figure A5. Relationship between TN concentra- 
tion and macroinvertebrate metrics for all 
streams in the River Nutrient Dataset of 
Minnesota. Blue line = changepoint; also 
indicated are the 90% confidence bands. From 
Heiskary et al. (2013). 

Figure A6. Relationship between TP concentration and 
macroinvertebrate metrics for non-wadeable streams 
(watershed > 500 square miles) in the North Nutrient 
Region of Minnesota, using a Biomonitoring dataset from 
the Minnesota Pollution Control Agency (MPCA). Blue line 
= changepoint; also indicated are the 90% confidence 
bands. From Heiskary et al. (2013). 
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Figure A7. Relationships between TP and macroinvertebrate metrics for all streams in the South River 
Nutrient Region (i.e., the corn belt region) in Minnesota, using a Biomonitoring dataset from the Minnesota 
Pollution Control Agency (MPCA). Blue line = changepoint; also indicated are the 90% confidence bands. 
From Heiskary et al. (2013). 

 

As a second example, Evans-White et al. (2009) used nCPA to estimate TN and TP thresholds 
for macroinvertebrate taxa numbers in 13 Central Plains streams and rivers (level III nutrient 
ecoregion VII; watershed size 13 hectares (32 acres or 0.05 square mile) to 8.16 million hectares 
(~20.2 million acres or 31,506 square miles). Benthic macroinvertebrates were collected over 
many years; median TN and TP concentrations collected within 30 days and 2 kilometers (1.24 
miles) of a benthic macroinvertebrate sample were linked to that sample unless a point source of 
pollution occurred between the water quality sampling location and the macroinvertebrate 
sampling site. 

The nCPA analysis by Evans-White et al. (2009) indicated median change point (breakpoint) 
values at 104-111 µg TN/L and 50 µg TP/L for total benthic macroinvertebrate taxa and 
benthic macroinvertebrate primary consumer taxa (Figure A8). By comparison, for wadeable 
streams and rivers in Wisconsin, Wang et al. (2007) reported threshold nutrient concentrations 
of 860 µg TN/L and 40 µg TP/L for total macroinvertebrate taxa richness, based on regression 
tree analysis and two-dimensional Kolmogorov-Smirnov (2DKS) threshold techniques 
(below). For 34 nonwadeable Wisconsin streams (41 sites), Weigel and Robertson (2007) used 
the technique, regression tree analysis (below), which indicated that threshold nutrient values 
for the same biological metric were at 1,920 µg TN/L and 150 µg TP/L. 
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Figure A8. The total number of benthic macroinvertebrate taxa and benthic macroinvertebrate 
primary consumer taxa versus TN and TP concentrations, from the Central Plains streams database. 
Dotted vertical lines with TN and TP concentrations represent the nCPA 50% (median) threshold 
estimates. Modified from Evans-White et al. (2009). 

 
 

As a third example of nCPA, Frey et al. (2011 - see Table A3 assessed algal, 
macroinvertebrate, and fish communities that best reflected impacts of nutrients along a 
gradient of low to high nutrient concentrations in 62 sites (1993-2006; at least six nutrient 
samples per year per site) within wadeable, mostly midwestern streams that reflected reference, 
agricultural, and urban watershed influences. These streams were within U.S. EPA nutrient 
ecoregions VI (Corn Belt and Northern Great Plains), VII (Mostly Glaciated Dairy Region), 
and VIII (Nutrient-Poor Largely Glaciated Upper Midwest and Northeast). Two “diatom 
ecoregions” - the Glacial North diatom ecoregion (GNE = nutrient ecoregions VII+VIII) and 
the Central and Western Plains diatom ecoregion (CWPE = nutrient ecoregion VI). A 
subgroup of 54 of the sites had biota data collected within the same year as nutrients, and were 
used for nutrient stressor-response analyses. 
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Table A3. Breakpoints between nutrients and the most significant biological metrics in the Central and Western Plains and 
Glacial North diatom ecoregions. From Frey et al. (2011). 
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In a final example of suggested numeric nutrient criteria based on nCPA, a study by Miltner 
(2010) of 109 small rivers and streams in Ohio indicated clear associations between nutrients, 
response variables benthic algal chlorophyll and DO, and macroinvertebrate and fish 
communities. The diel DO swing was significantly related to benthic algal chlorophyll 
concentrations and tree canopy cover (available light). The condition of macroinvertebrate 
communities was most strongly related to benthic algal chlorophyll, the minimum DO per 24- 
hour period, and the diel DO swing, whereas the condition of fish communities was best 
explained by habitat quality. For protection of still-existing high-quality waters, a changepoint 
was reported for benthic algae at 107 mg chlorophyll/m2, corresponding to nutrient levels of 
~440 µg dissolved inorganic N (DIN)/L and ~40 µg TP/L (or 0.44 mg DIN/L and 0.04 mg 
TP/L; Table A4). For management of waters that had been adversely affected by nutrient 
pollution, the changepoint for benthic algae was 182 mg chlorophyll/m2, corresponding to 
1,100 µg DIN/L and 100 µg TP/L (Table A4). 

 
 

 

Table A3, cont’d. 

Table A4. Numeric nutrient criteria suggested by Miltner (2010) from a study of 109 small streams and rivers in Ohio 
(watershed area less than 500 square miles). “Protection” referred to streams that were evaluated as high-quality waters, 
whereas “management” referred to streams that had already been adversely impacted by nutrient over-enrichment. 
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3b.3. Regression Tree Analysis (Recursive Partitioning) 
 

Regression tree analysis has been described as ideally suited for the analysis of complex 
ecological data (Déath and Fabricius 2000). This statistical threshold technique can 
accommodate nonlinear relationships, complex factor interactions, and missing values. A 
regression tree explains variation in a single response variable (e.g., TP concentration) by 
repeatedly splitting the data into more homogeneous groups using combinations of explanatory 
variables. Each group is characterized by a typical value of the response variable, the number of 
observations in the group, and the values of the explanatory variables that define it. The 
regression tree is represented graphically. Regression tree analysis can be used to find 
breakpoints (thresholds), and to describe the relationship between a single dependent variable 
and various independent variables that affect the dependent variable. 

As mentioned above, Weigel and Robertson (2007) used regression tree analysis to identify 
thresholds in biota response to TN and TP in nonwadeable Wisconsin rivers (e.g., Figure A9). 
While threshold nutrient values for total macroinvertebrate taxa richness were at 1,920 µg TN/L 
and 150 µg TP/L. Regression tree analyses also indicated that breakpoints for TP above which 
biota were consistently impaired ranged from 60 to 150 µg/L, depending on the biological 
metric. The TP breakpoint values for macroinvertebrate species and fish IBI were comparable, 
whereas breakpoints were lower for percent round suckers and mean pollution tolerance values 
(MPTVs). The TN breakpoint was ~630 µg/L for the MPTV, IBI, and percent round sucker 
metrics – much lower than the TN breakpoint for total macroinvertebrate taxa richness. 

As a second example, Caskey et al. (2012) used regression tree analysis for a stressor-response 
assessment of nutrient impacts in headwater and wadeable sections of a group of 282 streams 
and rivers in Indiana (2005-2009; Tables A5-A7), after excluding sites known to be strongly 
influenced by non-nutrient variables (e.g., cold temperatures, mining operations). The objective 
was to assess statistically and ecologically significant relationships among stressor (TN, TP, 
and benthic algal chlorophyll a) versus response (macroinvertebrate and fish community) 
variables, including response ecologically significant relationships among stressor (TN, TP, 
and benthic algal chlorophyll a) versus response variables (macroinvertebrate and fish 
metrics), including response breakpoints. Mean nutrient concentrations ranged from 0.340 to 
21.58 mg TN/L and 50-1,440 µg TP/L; mean benthic algal biomass ranged from < 1 to 719 mg 
chla/m2. The combined macroinvertebrate and fish community mean TN threshold estimated 
from regression tree analysis was 1,030 µg TN/L and 83 µg TP/L. 

These threshold TN and TP concentrations suggest mesotrophic to eutrophic stream conditions, 
based on Dodds and Smith (2016) (Table 2). Such conditions may have characterized the 
natural background in streams draining the rich soils of Indiana. On the other hand, the mean 
threshold for benthic algal biomass was 20.9 mg chla/m2, borderline oligotrophic/mesotrophic 
conditions (Table 2), supporting the premise that the natural condition of these streams was at 
the low end of the mesotrophic range. 

Caskey et al. (2012) noted that TN and TP concentrations in these streams spanned three orders 
of magnitude and that, even in the group of lowest-nutrient Indiana streams which included 
minimally impacted conditions, many sites were dominated by nutrient-tolerant taxa. 
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Figure A9. Upper four panels: Biological metrics vs. TP; lower four panels: Biological metrics vs. TN: 
Macroinvertebrate and fish measures in relation to TP or TN, including mean pollution tolerance value 
(MPTV) and fish index of biotic integrity (IBI). LOESS smoothing lines (black) suggest trends with 95% 
confidence limits (gray lines). Vertical line depicts breakpoints from regression tree analysis. Gray dots 
indicate two sites with the same values. Modified from Weigel and Robertson (2007). 
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Table A5. Indiana stream study - example of findings for TN, TP, and 
benthic microalgal (periphyton) biomass as chlorophyll a data ordered 
into quantiles - summary statistics for the stressor variables for 
headwater and larger, wadeable sites (5-year study). Modified from 
Caskey et al. (2012). 

 
 
 

Table A6. Breakpoint concentrations for TN, TP, and benthic chlorophyll a (Peri = 
periphyton or benthic algae) found in this study of Indiana headwater and larger wadeable 
streams, including comparison with the trophic categories described by Dodds et al. (1998). 
From Caskey et al. (2012). 
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Table A7. Summary of the most similar breakpoint-threshold concentrations from regression tree analysis, 
versus quantile-threshold (QR) concentrations from the additive QR analysis for Indiana headwater and 
wadeable streams (Peri = periphyton or benthic algae). From Caskey et al. (2012). 

 
Protective threshold TN and TP concentrations, such as those reported by Caskey et al. (2012), 
are not commonly reported for highly nutrient-enriched streams of the Midwest (e.g., Illinois, 
Indiana, and Ohio) because minimally impacted conditions can seldom be found and, therefore, 
are usually not included. Thus, nutrient thresholds for adverse impacts on biota more typically 
are reported to be three- to five-fold higher than thresholds for streams in less nutrient-enriched 
waters (Frey et al. 2011). The reason for this difference is that the heavily nutrient-impacted 
streams have only pollution-tolerant taxa remaining. Similarly as for the heavily impacted corn 
belt streams of southern Minnesota, it is too late to attempt to find a threshold for sensitive taxa 
unless true minimally impacted waters can be found; very few sensitive taxa, low in number, 
have survived in most waters. The high “nutrient thresholds” indicated from most analyses are 
nutrient levels which adversely impact the dominant, tolerant species that remain. 

 
Significant zero crossing (SiZer) is defined as a model that explores thresholds in relationships 
between a single stressor (e.g, TN or TP) and a single (univariate) response variable 
(Wagenhoff et al. 2012). It can be used to characterize multiple ecological thresholds based on 
significant changes in the slope of a relationship between response (dependent) variables and 
causal (predictor or independent) variables (Chaudhuri and Marron 1999, Clements et al. 2010, 
Daily et al. 2012). This technique uses smoothing and identifies thresholds based on the 
derivatives of the smoothed curve. The threshold is the point at which a derivative changes 
from being statistically significant (different from zero) to not being significant (not different 
from zero) or vice versa; thus, multiple thresholds across the range of the stressor can be 
identified (Sonderegger et al. 2009, Wagenhoff et al. 2012). 

The changes in the derivative as a function of the predictor variable (e.g., TN or TP) are 
displayed in a single “user-friendly” map (Clements et al. 2010). The map, actually a graph, 
indicates potential thresholds across the stressor gradient at different levels of resolution (note 
that it is up to the analyst to decide the appropriate level of resolution, or bandwidth, from an 
ecological perspective). 
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SiZer is described as “especially appropriate in situations where incorrectly identifying a 
threshold has serious consequences for protecting aquatic resources (e.g., overestimating a 
critical threshold concentration for a contaminant)” (Clements et al. 2010, p.1022). Since the 
approach is only exploratory, however, it does not involve testing for the statistical significance 
of the thresholds, and does not provide measures of uncertainty (confidence intervals) around 
the threshold estimates. 

SiZer and other statistical threshold analyses were applied to a set of streams draining 
watersheds with 0 to 90% agricultural land use, to assess whether land use nonlinearly 
affected nutrient concentrations and, if so, whether breakpoints could be detected 
(Xenopoulos et al. 2013). Nonlinearity was strongly detected; breakpoints ranged from 46 to 
70 µg TP/L for several key ecosystem processes. SiZer has also been applied to quantify 
potential recovery thresholds of metal-sensitive macroinvertebrate taxa after restoration of a 
river affected by mining (Clements et al. 2010), and could be analogously applied to rivers 
affected by nutrient pollution (but see below). 

 
Two-dimensional Kolmogorov-Smirnov test (2DKS) is a nonparametric method for 
identifying breakpoints in variance for two variables (bivariate data). It allows analysis of 
different types of data wherein a linear relationship is not expected, and any functional 
relationship between the variables breaks down over some range of values of one of the 
variables, so that high variance in the other variable is expected across that range (Garvey et 
al. 1998).  The 2DKS test can detect non-random patterns in bivariate data. If the 
independent variable (TN or TP) controls biotic responses only beyond some critical level, 
the 2DKS test can detect and estimate the threshold level. More commonly, the variance in a 
dependent variable such as benthic algal biomass may not be constrained at some fixed 
threshold value of TN or TP. Instead, the bivariate distributions can vary in complex ways. 
Because the 2DKS test has no prior assumptions about the data distribution, it is robust to 
non-random patterns in bivariate distributions (Garvey et al. 1998 and references therein). 

A 2DKS was used to assess how water-column nutrients were linked to benthic algal biomass 
in temperate streams (nearly 300 sampling periods), and in a separate dataset for 260 
temperate stream sites across the U.S. (Dodds et al. 2002). A 2DKS test indicated significant 
breakpoints of 27 µg TP/L and 515 µg TN/L, above which mean benthic algal chlorophyll 
was substantially higher (Dodds et al. 2002, 2006) (also see Appendix - section C below). 

 
C. Derivation of Numeric Nutrient Criteria Using Thresholds - Which Method?, and 

How Do the Methods Compare? 
 

Selection of the threshold analysis method for use should be based on the amount of data (U.S. 
EPA 2000a,b), the observed data distributions (Brenden et al. 2008), and knowledge of the 
ecological dynamics and potential threshold patterns of the waterbodies being considered (Qian 
and Cuffney 2012). It is worth emphasizing again that statistical threshold analysis requires 
considerable expertise in order to avoid pitfalls that cause the analysis to yield incorrect 
information. As Wagenhoff et al. (2012, pp. 10 and 30) noted, 

Lack of statistical understanding or simply a failure to report model 
parameters is a widespread issue in the [published science] literature 
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concerned with…threshold detection. Many authors do not justify why a 
particular threshold model was chosen and also rarely seem to pay attention 
to…the statistical validity of their modeling approaches. In some cases 
authors neither test for statistical significance nor give any measure of 
uncertainty around the estimate, which is central to [these] techniques…. 
The pattern of a threshold response is likely specific to each driver-response 
pair, making it necessary to choose and apply the most appropriate model 
and method for each case. Appropriate use of [these] methods also requires 
an understanding of the statistical assumptions underlying the tests…. 

 
Relatively few comparisons of these techniques applied to the same dataset and response 
variables are available, as well (Dodds et al. 2010, Wagenhoff et al. 2012, Evans-White et al. 
2014). Brenden et al. (2008) compared five different approaches to threshold detection for 
three simulated datasets, each of which showed a threshold but differed in the threshold 
pattern. No one method was identified as superior to the others. 

Dodds et al. (2010) examined thresholds in macroinvertebrate richness across stream TP 
concentrations using breakpoint regression, CFD, quantile regression tree, nCPA, 2DKS, and 
SiZer. Threshold estimates in that study varied up to three-fold depending on the statistical 
method used. Breakpoint regression, 2DKS, and SiZer yielded the highest, least protective 
threshold TP concentrations. 

Xenopoulos et al. (2013) compared breakpoint regression, 2DKS, and SiZer to test for 
nonlinearity and ecological thresholds for some temperate streams draining watersheds that 
ranged from 0 to more than 90% agricultural land use, to assess whether land use altered in- 
stream nutrients and ecosystem function (decomposition, benthic algal biodiversity). As 
mentioned (p.88), breakpoints ranged from 46 to 70 µg TP/L for some key ecosystem processes. 

Daily et al. (2012) evaluated the performance of commonly used statistical threshold analyses 
(piecewise quantile regression, nCPA, and SiZer) applied to stream benthic macroinvertebrate 
communities. False detection of ecological thresholds were influenced by sample size, the rate 
of change, and the frequency of observations across the environmental gradient. The relative 
importance of these factors varied among statistical methods. For example, false threshold 
detection rates were influenced primarily by user-selected parameters for piecewise quantile 
regression and SiZer, and secondarily by sample size. If the sample size was small (< 50), 
SiZer appeared to minimize false threshold detection more than piecewise quantile regression 
analysis. The authors concluded that the choice of statistical methods for threshold detection 
should be matched to experimental and environmental constraints insofar as possible, in order 
to avoid false detection of ecological thresholds and spurious inferences. 

Considering the above information, a major recommendation by Wagenhoff et al. (2012) - use 
of multiple statistical methods insofar as possible - is strongly endorsed here, in combination 
with a concluding recommendation by Dodds et al. (2010): The numeric criteria indicated by 
the most protective analyses should be adopted as a precautionary approach, given the 
scientific uncertainty about the efficacy and the lag period in recovery of aquatic ecosystems 
once a threshold point has been crossed. 


